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Introduction

Contaminants in water can cause adverse health effects. A
poignant example of this is the contamination of Flint,
Michigan, drinking water with lead and the subsequent ele-
vated blood levels in children. In that community, lead con-
tamination is a posttreatment issue, as the corrosive water from
the Pontiac River solubilized lead from the distribution system
that delivers water to individual households.! The geospatial
distribution of lead exposure in Flint is relatively easy to map as
the source of the exposure (the drinking water) is easy to iden-
tify, and the latency period between the initial exposure and
elevated blood lead levels is short.?

Unlike the relationship between lead in drinking water and
elevated blood lead levels, there are other examples where the
water contamination is diffuse and the latency period for
adverse health effects may be years or decades. One such exam-
ple would be the development of cancers or birth defects when
individuals are exposed to water contaminated with agrichemi-
cals.? The agrichemicals can include pharmaceuticals, such as
steroids or antibiotics used on livestock, nutrients, such as
nitrates and phosphates, as well as herbicides and insecticides.
Agrichemical residues have been found in food, water, and
juices.>® Although the concentrations found are within set safe
limits, the true health risk at these levels is not well understood
and could be subjected to synergistic effects.® Pesticides in par-
ticular have been detected in human breast milk, which has led

to concerns about prenatal exposure and various health effects
in children.” In this case, the chemical source can be agricul-
tural fields, and efforts to map the geospatial organization of
the exposure must invariably involve mapping large areas
upstream from the communities whose water is affected.

Efforts to map the geospatial distribution of diseases are
often conducted by first compartmentalizing the relevant
geography into established geographical census units, such as
census blocks and block groups, census tracts, zip codes, coun-
ties, or states. Although this may be appropriate for some envi-
ronmental exposures, it may not be at all appropriate for
waterborne agrichemicals, steroids, and antibiotics because the
pathways by which these contaminants travel do not respect
anthropogenic geospatial boundaries.® Rather, these contami-
nants become mobile when rainstorms induce surface runoff
that transports the chemicals from land and deposits them into
local waterways. These waters ultimately flow downstream
within well-defined watersheds.

A watershed is a topographic area within which surface and
shallow groundwater drain to a specific point.810 States or
other geographic regions can easily be divided into specific
watersheds, as everyone live within one watershed or another.
Furthermore, when it comes to waterborne contaminant expo-
sure, two individuals who live miles apart, but within the same
watershed, may experience similar exposures, whereas two
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individuals who live close to each other, but in different water-
sheds, may experience very different exposure profiles.

The central hypothesis of this article is that there is an
advantage in conducting geospatial analysis relative to adverse
health outcomes using watersheds, rather than anthropogenic
census tracts, particularly with respect to agrichemical runoff.
We contend that the relationship between watershed geogra-
phy and contaminant distribution is critical for certain classes
of chemical contaminants, and this article illustrates a method-
ology for investigating that relationship.

Relationship Between Watershed Boundaries and
Population Geography

The watershed

From an epidemiologic perspective, exposure assessment is
more complicated when dealing with environmental health
studies than it is in occupational health studies. Exposure
assessment is the process of measuring the magnitude, fre-
quency, and duration of exposure to a chemical,! and occupa-
tional health studies typically have excellent assessments of
exposure due to the defined geospatial boundaries (ie, the
workplace) and the use of predefined exposure definitions by
job title.

In contrast to occupational exposure assessment, two of the
largest problems encountered when attempting to define a
chemical exposure through natural waters are the lack of
defined boundaries and the spatial heterogeneity of exposure.
Poorly defined boundaries (also known as fuzzy objects) occur
when there is no clear boundary of an object in geographical
information systems (GIS), an eventuality that is common
when dealing with highly variable metrics within a geogra-
phy,'213 such as soil type. Spatial heterogeneity of exposure
occurs when there is an uneven distribution of various concen-
trations of chemicals and exposures within a given spatial area,
and it has been a problem in studies of exposures to airborne
contaminants.'>!* When the population was organized by
population geography, spatial heterogeneity of exposure has
caused problems in studies looking at agricultural exposures
and birth defects,!>1¢ environmental movement of contami-
nants and neural tube defects,'” urban environment exposures
and cancer incidence,’ and iodine exposure and thyroid
cancer.’?

We propose that environmental assessment of contaminant
exposure via natural waters can best be dealt with when the
watershed is used as the defining geospatial boundary. A water-
shed is defined as an “area of land where drainage of streams
and rainfall meet at a common outlet, such as the outflow of a
reservoir, mouth of a bay, or any point along a stream chan-
nel.”?0 A watershed is also an area of connectivity where any
activity that affects the water quality, quantity, or rate of move-
ment at one location can change the characteristics of a water-
shed downstream, providing a common level of exposure
between contaminants.

The US Geological Society (USGS) has subdivided the
United States into successively smaller hydrologic units (HUs)
which can be classified as follows: regions (HU 2), subregions
(HU 4), basins (HU 6), subbasins (HU 8), watershed HU (10),
and subwatershed (HU 12), respectively. There are 21 major
regions in the United States, and these are either major river
drainage systems or drainage systems for several rivers, such as
the Missouri Region and Texas Gulf Region, respectively.2?
Next, there are 222 subregions in the United States; these
include drainage areas for a river system.?! There are 370 basins
in the United States, which are nested within the subregions.
The cataloging unit, which is what the term watershed most

frequently is used to represent, has 2264 units across the
United States.?!

The population

Although the geospatial distribution of waterways can be rep-
resented through HUs, the most common way that geospatial
distribution of humans is represented in the United States is
through census entities. These entities include the nation,
regions, divisions, states, counties, census tracts, census block
groups, and census blocks (Table 1).

Relative to human health studies, the most commonly used
population geographies are city? and county.16:24-27

Studies that have looked at water exposure and human
health outcomes often have limitations of potential classifica-
tion error.1%2728 Classification error is a type of information
bias in which study participants are assigned to an incorrect
classification group. For example, if a person is assigned to a
county, but the county contains multiple watersheds, this can
cause misclassification, as the assumed exposure may be very
different from the actual one. For studies focusing on exposures
to natural surface water, we recommend using the watershed as

the primary geography.

Owverlap

For watersheds to be used in environmental exposure assess-
ment, it is necessary to overlap the human census data with
the HU data. Unfortunately, watersheds and population
geographies were developed by different groups of profes-
sionals for very different reasons, and, consequently, there is
very little overlap between the two. The watershed geogra-
phy focuses on natural water flow, whereas the population
geography focuses on governmental delineations and how
the population is organized. For this reason, very few points
of overlap are seen within the two (Figure 1). Unfortunately,
the lack of overlap between watershed HU and human cen-
sus tracts is not improved when different levels of organiza-
tion are used. Due to this geographic mismatch, it is not
prudent to assume that exposures to contaminated water are
consistent across census groups, such as counties or state
boundaries.
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Table 1. Definitions of census groupings.22.
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West North Central
South South Atlantic
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Pacific
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COUNTIES

3007 in the
United States
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Figure 1. The interaction of counties and watersheds in Nebraska. (A) HU code 6, (B) HU code 8, and (C) HU code 10. The black lines are Nebraska
counties and the dark purple lines are the watersheds. HU indicates hydrologic unit.

Choosing the appropriate HU

To map the incidence of adverse health outcomes by watershed,
one of the HUs needs to be selected above the others. In
Nebraska, the selection of HU was driven by two different
descriptors: the exposure profile (land use) found within the
state and the underlying population density.

In Nebraska, soil and precipitation patterns change from
East to West, as well as agricultural land use. The term “land
use” is defined as the land’s purpose relative to human activity
and is usually, but not always, related to land cover.?” For lands
to be useful for agriculture, certain environmental factors are
required, including soil conditions and climate (eg, soil texture,
mineralogy, precipitation patterns) which determine the suita-
bility for crop production (eg, type of fertilizer/pesticide appli-
cation, type of crop). Furthermore, as the environmental
conditions of Nebraska change geospatially, it is likely that
agrichemical exposure also changes accordingly.

Population density is defined as “the number of people living
per unit of area (e.g. per square mile); the number of people rela-
tive to the space occupied by them.”3? Parts of Nebraska have a
very sparse population density. The variance in population den-
sity is high not only within states but also between states. Some

states, such as California (Figure 2A), are primarily urban and
therefore are more densely populated. Even within traditional
rural or farming states, such as Kentucky and Nebraska, the
population density can vary greatly. For example, Kentucky
(Figure 2B) is for the most part even populated with a scattering
of urban centers. Nebraska (Figure 2C), however, is very sparely
populated with very few densely populated urban centers.

Nebraska can be divided using 6 different HU codes
(Figure 3). If the HU delineation were too large, then water-
sheds with vastly different agricultural practices and therefore
exposures would be combined, thereby reducing the effective-
ness of the analysis. For example, HU code 2 encompasses the
entire Missouri River Valley and the entire state of Nebraska.
Obviously, this does not allow any discrimination of expo-
sures within the state and includes so much terrain that there
is a vast amount of geographic variability within it. The HU
codes 4 and 6 were also too large and had the same problems
as HU code 2.

If the HU code selected is too small, then the population
within each watershed designation would be too small to allow
any meaningful analysis, as many, perhaps the majority, of these
watersheds would not cover a geography where an adverse
health impact had occurred.
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Figure 2. Population density of census tracts for (A) California, (B) Kentucky, and (C) Nebraska in 2010. (States not to scale for comparison purposes.)

Figure 3. Hydrologic unit codes for Nebraska: (A) 2, (B) 4, (C) 6, (D) 8, (E) 10, and (F) 12.

Case Study Diseases and the Population at Risk

A geospatial analysis favoring a watershed approach lends itself
much more readily to some adverse health outcomes rather
than others. For example, waterborne contaminants have been
linked to birth defects,?'3* pediatric cancers,®¢ and thyroid
cancer.3** Although all 3 diseases differ in incidence, cause,
and outcomes, the analysis of potential risk factors may benefit
from the use of a watershed approach. For this reason, they will
be used as case studies for this article.

Birth defects

The leading cause of infant mortality in the United States is
birth defects or congenital abnormalities.*® The cost of birth
defect-related hospitalizations for all age groups represents
5.2% of total costs for all hospital discharges.** Not only are

birth defects costly but they also affect 1 in every 33 live births
in the United States.* In 2011, Nebraska had a higher burden
of birth defect-related death in relation to the nation, with
rates of 1.94 per 100000 and 1.27 per 100000, respectively.46

The risk factors for birth defects are mostly unknown and
vary depending on the type. The most notable risk factors
include alcohol, illicit drug use in pregnancy, smoking, obe-
sity, diabetes mellitus, phenylketonuria, multiple gestations,
advanced maternal age, advanced paternal age, family history,
folic acid deficiency, medication exposures, and radiation
exposure.33

Several studies support the hypothesis that agrichemicals
play a role in the cause of certain birth defects.!>314748 Pesticides
are known to be both reproductive and neurotoxic agents and
have been shown to be teratogenic in animal studies.* Pesticides,
including atrazine, alachlor, and chlorpyrifos, are classified
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as endocrine disruptors, whereas bifenthrin and diuron are
developmental toxicants.!> Studies have shown a potential asso-
ciation between pesticide exposure before or during pregnancy
and various types of birth defects.!650-53

Applications of spatial assessments for birth defects in rela-
tion to agricultural land use have provided further insight
regarding the cause of birth defects. For instance, spatial attrib-
utes such as elevation, soil types, lithology, watersheds, fertilizer
use, and neighborhood characteristics are associated with spe-
cific neurological birth defects.!7->*

Pediatric cancers

Cancer is the second most common cause of death among chil-
dren in the United States.>> A child born in the United States
has 0.35% chance of developing cancer before 20years of age;
this is equivalent to an average of 1 in 285 children being diag-
nosed with cancer before 20years of age.”® The Nebraska rates
of pediatric cancer were reported to be above the national aver-
age in 2010 to 2012; however, the trend has regressed back to
the national average in recent years.”” The cause of childhood
cancer is mostly unknown, but some cases can be linked to
genetic causes.’®*” Despite the unknown cause for most child-
hood cancers, recent research has linked certain cancers to
environmental factors, such as hematologic malignancies to oil
and gas production,® renal cancers to industrial and pesticide
pollution exposure,®! retinoblastomas to pesticides,®? and leu-
kemia, neuroblastoma, and hepatic tumors to crop production
proximity.%3

Thyroid cancer

In recent years, there have been stable diagnostic rates for thy-
roid cancer from 2010 to 2012,% with rates for men as 1 in 169
and for women as 1 in 58, whereas in 2017, rates for thyroid
cancer were reported as 1 in 163 for men and 1 in 57 for
women.® In Nebraska, the rates for thyroid cancer overall and
for women are higher than the national average: 19.4 per
100000 (women, Nebraska),12.7 per 100000 (overall, Nebraska),
and 17.3 per 100000 (women, national), and 11.7 per 100000
(overall, national).6¢

There are 4 main types of primary thyroid carcinoma: pap-
illary, follicular, anaplastic, and medullary. These groups typi-
cally share risk factors but not always.%” Other risk factors for
thyroid cancer include genetic predisposition, radiation expo-
sure, iodine intake, preexisting thyroid disease, age, sex, hor-
monal and reproductive factors, geographic factors, ethnic
factors, diet, and drug exposure.®® Environmental factors
other than radiation exposure have been examined in recent
studies, including heavy metal® and pesticide exposure.?’

Population at risk

A population at risk is defined as the population that has a
chance of developing a disease or condition of interest. This

article features 3 different adverse health outcomes: birth
defects, pediatric cancer, and thyroid cancer, and each of the 3
has a different population at risk.

Defining the population at risk

Finding a population at risk for an adverse health outcome
implies that the researcher understands who in the population
is at risk. One way to define this population is to use your case
definition, ie, how the cases are determined to truly be a case.
For this article, the following definitions were used, and the
cases were gathered from the Nebraska Birth Defects Registry,
and the Nebraska Cancer Registry at the Nebraska Department
of Health and Human Services.

Birth defects

The definition used for birth defects was any congenital anom-
aly from a baby resulting from a live birth that was recorded in
the Nebraska Birth Defects Registry from 1995 to 2014.30
Based on this definition, the population at risk was infants
born alive in Nebraska from 1995 to 2014.

Pediatric cancer

The definition used for pediatric cancer was any malignancy
occurring in someone aged 19years and below, which was
recorded in the Nebraska Cancer Registry from 1987 to 2014.70
Based on this definition, the population at risk was any child
living in Nebraska aged 19 years and below from 1987 to 2014.

Thyroid cancer

The definition used for thyroid cancer was any case of thyroid
cancer occurring at any age that was recorded within the
Nebraska Cancer Registry from 1987 to 2014.70 Based on this
definition, the population at risk was any person living in
Nebraska from 1987 to 2014.

Classifying population data based on watershed

delineations

Converting the geography of populations into the geography
of watersheds may result in misplacing individual cases in a
geographically incorrect watershed. Clearly, the smaller the
population geography unit, the lower is the probability of mis-
classification error. An example of this is shown in Figure 4.
The initial watershed map (Figure 4A) shows Nebraska with
the HU 8 watersheds overlaid on the state. As mentioned
above, counties (Figure 4B) do not overlap well with water-
sheds. The mismatch is exacerbated by the method used to
assign counties to watersheds in GIS, which is by county center.
Zip codes (Figure 4C) and census blocks (Figure 4D) overlap
better with watersheds. For this article, census blocks were
chosen to categorize the population at risk.
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Figure 4. (A) Nebraska HU 8 profile by (B) county, (C) zip code, and (D) census block. Dark purple indicates the watersheds and gray indicates the

county, zip code, and census block, respectively. HU indicates hydrologic unit.

Which HU to use for these case studies

According to the US Cancer Statistics Working Group
(USCS), relative incidence rates containing less than 16 cases
are unstable and prone to error.”? Based on this proposition, the
following minimum populations per watersheds are required.
For example, for birth defects, a population of 600, on average,
is necessary, to obtain more than 16 cases. For this reason, HU
codes 10 and 12 were too small due to very low population
numbers, particularly in the panhandle (western) section of the
state. Based on these observations, HU 8 was used for prelimi-
nary mapping.

Incidence Rate Calculations

To determine which watersheds to include when mapping
statewide adverse health impacts, it was first necessary to deter-
mine watershed incidence rate. The true incidence rate (I7) is
the number of cases that occur over a given time divided by the
current population at risk and is typically reported per 100000
(equation (1)). General incidence rate for each watershed is
calculated as follows:

New Cases Watershed

*100,000
POp ulation at RiSkWatershed *Timeof analysis (1)

= Incidence rate(I,)

Due to the different time periods examined and the different
sources of at-risk populations, there were 3 different incidence
rates used in this analysis that were based on the general crude
incidence rate calculation for each watershed. For example, thy-
roid cancer cases were aggregated more than 28years and fea-
tured a population at risk that was equivalent to the entire
population (all ages); therefore, Census 2000 population counts
were multiplied by 28years to calculate the total population at
risk.”? In contrast, birth defects were aggregated more than
19years and featured a population at risk that was equivalent to
all live births from 1995 to 2014.7% Regardless of the slight dif-
ferences in how incidence rates were calculated, the final data
sets that were developed could then be mapped by watershed.

Although the 3 adverse health impacts that this article
reports can all be considered rare, pediatric and thyroid cancers
are rarer than birth defects. The probability of a birth defect is
approximately 3%, and the incidence rate is likely be mostly
stable in Nebraska.® For pediatric and thyroid cancers, the
probability is much lower (0.3% for pediatric cancers and thy-
roid cancers between 0.6% for men and 1.7% for women).
What this means functionally is that that maps developed for
pediatric and thyroid cancers are, by necessity, more variable
than those developed for birth defects.

Determining Which Watersheds to Include

The main way of excluding watersheds from analysis is based on
a percent error calculation. In this approach, one calculates the
difference adding one additional case per watershed would intro-
duce to the incidence calculation. The first step was to complete
the percent error calculation (equation (3)), which includes two
parts: the true incidence (equation (1), I;) and the “error” inci-
dence (equation (2), I), which is the incidence if one additional
case was present in the watershed. Generalized “error” incidence
rate and percent error for each watershed is calculated as follows:

C 1
AS€SWarershed + *100,000
POPUIatiOn at R‘iSkWatershed *’Timeof analysis (2)
= IncidenccErmr (IE )
I, -1, *100 = Percent Error (3)

T

For birth defects, thyroid cancer and pediatric cancer, the
percent error cutoff chosen was 20. The USCS reported a high
rate of error to be 25% and that is the cutoff they have used;
however, due to the small population sizes in rural Nebraska,
this was relaxed to 20% to limit the number of excluded water-
sheds.” Based on this cutoff for birth defects, 22 of 72 water-
sheds were removed from analysis, whereas for pediatric cancer,
35 of 72 watersheds were excluded from analysis, and for thy-
roid cancer, 29 of 72 watersheds were excluded from analysis.
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Figure 5. Nebraska HU 8 profile: (A) birth defect incidence (1995-2014) and (B) thyroid cancer incidence (1987-2014). HU indicates hydrologic unit.
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Figure 6. Nebraska pediatric cancer (1987-2014): (A) HU 6 and (B) HU 8. HU indicates hydrologic unit.

Table 2. Correlation between birth defect, pediatric cancer, and thyroid cancer incidence in Nebraska by HU 8.

BIRTH DEFECT INCIDENCE

Birth defect incidence 1
Pediatric cancer incidence -0.07
Thyroid cancer incidence 0.12

Abbreviation: HU, hydrologic unit.

For birth defects and thyroid cancer, watershed exclusion
based on percent error was conducted maps were created
(Figure 5). For pediatric cancers, unfortunately, over 40% of the
available HU 8 watersheds were excluded. Due to the overall
low population values and high percent error, the decision was
made to recreate the pediatric cancer graph using HU 6, to
allow to more data to be usable within the state. Thus, pediatric

cancers are reported using both HU 6 and 8 (Figure 6).

Results

In Figures 5 and 6, the unadjusted incidence rates for
Nebraska, for birth defects, pediatric cancer and thyroid can-
cer are mapped. For birth defects (Figure 5A), the incidence
ranges from 0 to 7692 per 100000; for pediatric cancers
(Figure 6B), the incidence ranges from 0 to 177 per 100 000;

PEDIATRIC CANCER INCIDENCE

THYROID CANCER INCIDENCE

0.07 1

and finally for thyroid cancers, the incidence ranges from 3.25
to 16.96 per 100000.

When incidence rates across the 3 different adverse health
outcomes were compared with each other, there were no sig-
nificant intercorrelations (Table 2). Intercorrelations might
have occurred if one or more of the watersheds were contami-
nated with a key aquatic compound that is known to be associ-
ated with one of more adverse health outcomes. When the
watersheds were viewed in composite, some light was shed on
this lack of intercorrelation. For birth defects, the watersheds of
interest include the Loup River (28), the north fork of the
Elkhorn River (30), the lower Platte River (50), the lower
Elkhorn (52), the upper Republican (58), and the south fork of
the big Nemaha River (68). For pediatric cancers, the water-
sheds of interest include the Turkey River (3), the Cedar River
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(29), and the Upper Elkhorn River (43). For thyroid cancer, the
watersheds of interest include the Turkey River (3), the upper
Middle Loup River (20), and the lower North Loup River (26).
Clearly, the distribution of each adverse health outcome across
the watersheds is a different pattern, and these patterns may
have to do with the underlying cause of the disease.

For example, thyroid cancer has been linked to higher aver-
age levels of nitrate in water supplies (exceeding 5mg/L).7*
There was also a suggestion for the potential of a link between
volcanic elements in water and papillary thyroid cancer, although
this potential link needs to be investigated further.”> Although,
overall, pediatric cancer has been linked to pesticides in water,3
liver cancer has been specifically linked to arsenic in water
supplies.”® Similarly, specific birth defects have been linked with
various waterborne exposures, including central nervous system
defects linked with trihalomethanes, carbon tetrachloride,
trichloroethylene, and dichloroethylenes.>® Oral cleft defects
were linked with trihalomethanes, carbon tetrachloride, trichlo-
roethylene, tetrachloroethylene, and dichloroethylenes.>3 Major
cardiac defects were linked with trihalomethanes, benzene, and
1,2-dichloroethane.®® In addition, congenital cardiac disease
was linked with trichloroethylene, dichloroethylene, and chro-
mium in ground water.”” Neural tube defects were linked with
carbon tetrachloride, trichloroethylene, and benzene.>?

Conclusions

The central hypothesis of this article was that there is an
advantage in conducting geospatial analysis relative to adverse
health outcomes using watersheds, rather than by anthropo-
genic census tracts, particularly with respect to agrichemical
runoff. We contend that the relationship between watershed
geography and contaminant distribution is critical for certain
classes of chemical contaminants, and this article illustrates a
methodology for investigating that relationship.

This use of HUs as geographic spatial polygons for systems
that are not necessarily strictly hydrologic in nature has been
documented previously.”®7”? The HUs have previously been
used in ecological modeling,3%-84 which is commonly applied to
human health behavior research.8’

It has recently been noted that watersheds seldom circum-
scribe regions of similarity that influence water quality.”
Omernik et al”® correctly point out that HUs are not only com-
posed of watersheds but they are also parts of watersheds.
Consequently, from a strict hydrologic point of view HUs may
not represent watersheds. Nevertheless, from an epidemiologic
point of view, HU delineation brings a natural, rather than an
anthropogenic, focus to the process of geospatial mapping of
adverse health impacts. Although the delineation of the 3
adverse health impacts featured in this article did not result in
strong intercorrelations, we still think that the use of HUs is a
novel and dramatic improvement.

Due to the preliminary nature of this methodology, two
important factors were not previously discussed which include

the inclusion of sociodemographic information and the poten-
tial effects of upstream processes on water quality within the
watershed. Due to the nature of the case studies, used social
demographic data were not included. This was done to avoid
the potential of introducing an ecological fallacy within the
data. However, if one were to conduct a cohort study, a case-
control study, or a cross-sectional study, then correction for
sociodemographic data would easily be included and is neces-
sary to have corrected and usable incidence rates.

There is potential for upstream human pressure or agricul-
tural activities that influence water quality downstream taking
into account water routing, evapotranspiration, precipitation,
and other climate variables. This was not discussed previously
in this article due to the preliminary nature of the study.
However, in future refinements of this methodology, this will

be included.

Future work

In the future, we plan to refine this methodology and incorporate
water quality data into the approach. Environmental data sets on
water quality will include the water quality data from the
Environmental Protection Agency STORage and RETrieval
(EPA STORET) data set, as it is comprehensive and includes
data from several sources. This process may prove to be compli-
cated as was suggested by Omernik et al,” for some HU deline-
ations may experience contaminant input from multiple sources.
A method to average water quality over the spatial HU scale used
in the analysis will need to be developed. A first step of this may
be to compare the HUs used above with the land use maps for
Nebraska to quantify the variation within each HU area. Future
work also includes applying this process to other states within the
Midwest to observe whether they show similar profiles.

Overall, the methodology demonstrated in this article is a
way to identify areas of interest with respect to watersheds and
human health. As demonstrated by this study, there appears to
be link between specific watersheds and the incidence of birth
defects, pediatric cancer, and thyroid cancers in the state of

Nebraska.

Acknowledgements
The authors would like to thank the Nebraska Birth Defects

Registry (NBDR) and the Nebraska Cancer Registry for the
data used in this article.

Author Contributions

JS, DC, and ASK conceived and designed the experiments.
BC,MH, and SL analyzed the data. BC wrote the first draft of
the manuscript. ASK contributed to the writing of the manu-
script. BC, ASK, LB, SB-H, and ER agree with manuscript
results and conclusions and jointly developed the structure and
arguments for the paper. BC, ASK, LB, and SB-H made criti-
cal revisions and approved final version. All authors reviewed
and approved the final manuscript.



Corley et al

Disclosures and Ethics

As a requirement of publication, authors have provided to the
publisher signed confirmation of compliance with legal and
ethical obligations including but not limited to the following:
authorship and contributorship, conflicts of interest, privacy
and confidentiality, and (where applicable) protection of human
and animal research subjects. The authors have read and con-
firmed their agreement with the ICMJE authorship and con-
flict of interest criteria. The authors have also confirmed that
this article is unique and not under consideration or published
in any other publication, and that they have permission from
rights holders to reproduce any copyrighted material. The

external blind peer reviewers report no conflicts of interest.

REFERENCES

1. Hanna-Attisha M, LaChance J, Sadler RC, Schnepp AC, Champney Schnepp
A. Elevated blood lead levels in children associated with the flint drinking water
crisis: a spatial analysis of risk and public health response. Am J Public Heal.
2016;106:283-290. doi:10.2105/AJPH.2015.303003.

2. Jones RR, Weyer PJ, DellaValle CT, et al. Nitrate from drinking water and diet
and bladder cancer among postmenopausal women in lowa. Environ Health Per-
spect. 2016;124:1751. doi:10.1289/EHP191.

3. Hills J, Welford R. Coca-Cola and water in India. Corp Soc Responsib Environ
Manag. 2005;12:168-177. doi:10.1002/CST.097.

4. McGill AE, Robinson J. Organochlorine insecticide residues in complete pre-
pared meals: a 12-month survey in S.E. England. Food Cosmet Toxicol. 1968;6:45—
57. d0i:10.1016/0015-6264(68)90080-1.

5. Zambonin CG, Quinto M, De Vietro N, Palmisano F. Solid-phase microextrac-
tion—gas chromatography mass spectrometry: a fast and simple screening
method for the assessment of organophosphorus pesticides residues in wine and
fruit juices. Food Chem. 2004;86:269-274. doi:10.1016/j.foodchem.2003.09.025.

6. Kortenkamp A. Ten years of mixing cocktails: a review of combination effects of
endocrine-disrupting chemicals. Environ Health Perspect. 2007;115:98-105.
doi:10.1289/e¢hp.9357.

7. Pirsaheb M, Limoee M, Namdari F, Khamutian R. Organochlorine pesticides
residue in breast milk: a systematic review. Med ] Islam Repub Iran. 2015;29:228.
http://www.ncbi.nlm.nih.gov/pubmed/26478886.

8. Kolok AS, Beseler CL, Chen XH, Shea PJ. The watershed as a conceptual frame-
work for the study of environmental and human health. Environ Health Insights.
2009;3:1-10.

9. Omernik JM, Bailey RG. Distinguishing between watersheds and ecoregions. J
Am Water Resour Assoc. 1997;33:935-949. d0i:10.1111/j.1752-1688.1997.tb04115.x.

10.  Griffith GE, Omernik JM, Woods AJ. Ecoregions, watersheds, basins, and
HUQCsS: how state and federal agencies frame water quality. J Soi/ Water Conserv.
1999;54:666—677.

11.  Vallero D. Environmental Contaminants Assessment and Control. Amsterdam, The
Netherlands: Elsevier Academic Press; 2004. http://www.sciencedirect.com/sci-
ence/book/9780127100579. Accessed June 22, 2017.

12.  Zhan FB. Approximate analysis of binary topological relations between geo-
graphic regions with indeterminate boundaries. Sof¢ Comput. 1998;2:28-34.
doi:10.1007/s005000050032.

13.  Ridland M. Geographic Objects with Indeterminate Boundaries. Vol. 2. Oxford,
UK: Blackwell Publishing Ltd; 1997. doi:10.1111/j.1467-9671.1997.tb00064.x.

14, Monn C. Exposure assessment of air pollutants: a review on spatial heterogeneity
and indoor/outdoor/personal exposure to suspended particulate matter, nitrogen
dioxide and ozone. Atmos Environ. 2001;35:1-32. doi:10.1016/51352-2310(00)
00330-7.

15.  Rappazzo KM, Warren JL, Meyer RE, et al. Maternal residential exposure to
agricultural pesticides and birth defects in a 2003 to 2005 North Carolina birth
cohort. Birth Defects Res A Clin Mol Teratol. 2016;106:240-249. doi:10.1002/
bdra.23479.

16. Agopian AJ, Cai Y, Langlois PH, Canfield MA, Lupo PJ. Maternal residential
atrazine exposure and risk for choanal atresia and stenosis in offspring. J Pediatr.
2013;162:581-586. doi:10.1016/j.jpeds.2012.08.012.

17. Li L, Wang J, Wu ]J. A spatial model to predict the incidence of neural tube
defects. BMC Public Health. 2012;12:951. doi:10.1186/1471-2458-12-951.

18.  Jagai JS, Messer LC, Rappazzo KM, Gray CL, Grabich SC, Lobdell DT.
County-level cumulative environmental quality associated with cancer incidence.
Cancer. 2017;123:2901-2908. http://www.ncbi.nlm.nih.gov/pubmed/28480506.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

Zimmermann MB, Galetti V. Iodine intake as a risk factor for thyroid cancer: a
comprehensive review of animal and human studies. 7Zhyroid Res. 2015;8:8.
doi:10.1186/s13044-015-020-8.

USGS. What is the WBD? 2015; http://nhd.usgs.gov/wbd.html.

USGS. What is a watershed? Watersheds and Drainage Basins, USGS Water
Science School. 2016; http://water.usgs.gov/edu/watershed.html.

Torreiri NK. Geographic overview: geographic areas reference manual. 2005;
https://www2.census.gov/geo/pdfs/reference/GARM/Ch2GARM.pdf.
Accessed June 22, 2017.

Alinejad A, Farsani SF, Bahmani Z, Sarsangi V, Khodadadi R, Conti GO. Eval-
uation of heavy metals level (arsenic, nickel, mercury and lead) effecting on
health in drinking water resource of Kohgiluyeh county using geographic infor-
mation system (GIS). Int | Med Res Heal Sci. 2016;5:233-241. http://www.
ijmrhs.com/abstract/evaluation-of-heavy-metals-level-arsenic-nickel-mercury-
and-lead-effecting-on-health-in-drinking-water-resource-of-kohgi-8399.html.
Accessed June 22, 2017.

Henke JM, Petropoulos GP. A GIS-based exploration of the relationships
between human health, social deprivation and ecosystem services: the case of
Wales, UK. Appl Geogr. 2013;45:77-88. doi:10.1016/j.apgeog.2013.07.022.
Navoni JA, De Pietri D, Olmos V, et al. Human health risk assessment with spa-
tial analysis: study of a population chronically exposed to arsenic through drink-
ing water from Argentina. Sci Total Environ. 2014;499:166-174. doi:10.1016/j.
scitotenv.2014.08.058.

Khan S, Shahnaz M, Jehan N, Rehman S, Shah MT, Din I. Drinking water
quality and human health risk in Charsadda district, Pakistan. J Clean Prod.
2013;60:93-101. doi:10.1016/j.jclepro.2012.02.016.

Agopian AJ, Lupo PJ, Canfield MA, Langlois PH. Case-control study of mater-
nal residential atrazine exposure and male genital malformations. 4m J Med
Genet Part A. 2013;161:977-982. doi:10.1002/ajmg.a.35815.

Agopian AJ, Langlois PH, Cai Y, Canfield MA, Lupo PJ. Maternal residential
atrazine exposure and gastroschisis by maternal age. Matern Child Health ].
2013;17:1768-1775. doi:10.1007/510995-012-1196-3.

Lerro C, Freeman LB, Koutros S, et al. 025-1 pesticide use and thyroid cancer
incidence among spouses of pesticide applicators in the agricultural health study.
Occup Environ Med. 2016;73:A47. doi:10.1136/0emed-2016-103951.128.
Nebraska Birth Defects Registry. http://dhhs.ne.gov/publichealth/DataCenter/
Pages/BirthDefects.aspx. Accessed June 22, 2017.

Winchester PD, Huskins J, Ying J. Agrichemicals in surface water and birth
defects in the United States. Acta Paediatr Int | Paediatr. 2009;98:664—669.
doi:10.1111/.1651-2227.2008.01207.x.

Alman BL, Coffman E, Siega-Riz AM, Luben T]J, Siega-Riz AM, Luben TJ.
Associations between maternal water consumption and birth defects in the
National Birth Defects Prevention Study, 2000-2005. Birth Defects Res Part A
Clin Mol Teratol. 2016;109:193-202. d0i:10.1002/bdra.23569.

Corlin L, Rock T, Cordova J, et al. Health effects and environmental justice con-
cerns of exposure to uranium in drinking water. Curr Env Heal Rep. 2016;3:434—
442. doi:10.1007/540572-016-0114-z.

Kumar AK, Sarma PN, Mohan SV. Incidence of selected endocrine disrupting
estrogens in water bodies of Hyderabad and its relation to water quality param-
eters. Environ Eng Manag J. 2016;15:315-325.

Infante-Rivard C, Olson E, Jacques L, Ayotte P. Drinking water contaminants
and childhood leukemia. Epidemiology. 2001;12:13-19. https://www.ncbi.nlm.
nih.gov/pubmed/11138808.

Costas K, Knorr RS, Condon SK. A case-control study of childhood leukemia in
Woburn, Massachusetts: the relationship between leukemia incidence and expo-
sure to public drinking water. Sci Total Environ. 2002;300:23-35. http://www.
ncbi.nlm.nih.gov/pubmed/12685468. Accessed June 26, 2017.

Zahm SH, Ward MH. Pesticides and childhood cancer. Env Heal Perspect.
1998;106:893-908. http://www.ncbi.nlm.nih.gov/pubmed/9646054. Accessed
June 26, 2017.

Liaw J, Marshall G, Yuan Y, Ferreccio C, Steinmaus C, Smith AH. Increased
childhood liver cancer mortality and arsenic in drinking water in northern Chile.
Cancer Epidemiol Biomarkers Prev. 2008;17:1982-1987. doi:10.1158/1055-9965.
EPI-07-2816.

Drozd VM, Branovan I, Shiglik N, et al. Effect of nitrates in drinking water on
the prevalence of thyroid cancer and other thyroid diseases: a literature review
and post-Chernobyl research experience in Belarus. Cyzo/ Gener. 2016;50:372—
376. doi:10.3103/50095452716060074.

Malandrino P, Russo M, Ronchi A, et al. Increased thyroid cancer incidence in
a basaltic volcanic area is associated with non-anthropogenic pollution and bio-
contamination. Endocrine. 2016;53:471-479. doi:10.1007/s12020-015-0761-0.
Pearce EN, Braverman LE. Environmental iodine uptake inhibitors. In: Pearce
EN, ed. Iodine Deficiency Disorders and Their Elimination. Cham, Switzerland:
Springer; 2017:141-153. doi:10.1007/978-3-319-49505-7-10.

Korobova E, Kolmykova L, Ryzhenko B, Berezkin V, Saraeva A. Seasonal vari-
ability of iodine and selenium in surface and groundwater as a factor that may
contribute to iodine isotope balance in the thyroid gland and its irradiation in


http://www.ncbi.nlm.nih.gov/pubmed/26478886
http://www.sciencedirect.com/science/book/9780127100579
http://www.sciencedirect.com/science/book/9780127100579
http://www.ncbi.nlm.nih.gov/pubmed/28480506
http://nhd.usgs.gov/wbd.html
http://water.usgs.gov/edu/watershed.html
https://www2.census.gov/geo/pdfs/reference/GARM/Ch2GARM.pdf
http://www.ijmrhs.com/abstract/evaluation-of-heavy-metals-level-arsenic-nickel-mercury-and-lead-effecting-on-health-in-drinking-water-resource-of-kohgi-8399.html
http://www.ijmrhs.com/abstract/evaluation-of-heavy-metals-level-arsenic-nickel-mercury-and-lead-effecting-on-health-in-drinking-water-resource-of-kohgi-8399.html
http://www.ijmrhs.com/abstract/evaluation-of-heavy-metals-level-arsenic-nickel-mercury-and-lead-effecting-on-health-in-drinking-water-resource-of-kohgi-8399.html
http://dhhs.ne.gov/publichealth/DataCenter/Pages/BirthDefects.aspx
http://dhhs.ne.gov/publichealth/DataCenter/Pages/BirthDefects.aspx
https://www.ncbi.nlm.nih.gov/pubmed/11138808
https://www.ncbi.nlm.nih.gov/pubmed/11138808
http://www.ncbi.nlm.nih.gov/pubmed/12685468
http://www.ncbi.nlm.nih.gov/pubmed/12685468
http://www.ncbi.nlm.nih.gov/pubmed/9646054

10

Environmental Health Insights

43.

44,

45.

46.

47.

48.

49.

50.

51.

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

63.

case of radioiodine contamination during accidents at the NPP. Paper presented
at: EGU General Assembly Conference Abstracts. Vol. 18; 2016:14799. http://
meetingorganizer.copernicus.org/ EGU2016/EGU2016-14799.pdf.
June 26, 2017.

Heron M. Deaths: leading Causes for 2014. Naz/ Vital Stat Rep. 2016;65:1-96.
https://www.ncbi.nlm.nih.gov/pubmed/27376998.

Arth AC. Inpatient hospitalization costs associated with birth defects among
persons of all ages—United States, 2013. MMWR Morb Mortal Wkly Rep.
2017;66:41-46.

Hoyert DL, Mathews TJ, Menacker F, Strobino DM, Guyer B. Annual sum-
mary of vital statistics, 2004. Pediatrics. 2006;117:168-183. doi:10.1542/
peds.2005-2587.

Nebraska Title V 2015 Needs Assessment. http://dhhs.ne.gov/publichealth/
MCHBIlockGrant/Documents/InfantsOutcomes.pdf. Accessed June 26, 2017.
Garry VF, Schreinemachers D, Harkins ME, Griffith J. Pesticide appliers, bio-
cides, and birth defects in rural Minnesota. Environ Health Perspect.
1996;104:394-399. doi:10.1289/ehp.96104394.

Rocheleau CM, Romitti PA, Sanderson WT, et al. Maternal occupational pesti-
cide exposure and risk of hypospadias in the National Birth Defects Prevention
Study. Birth Defects Res A Clin Mol Teratol. 2011;91:927-936. doi:10.1002/
bdra.22860.

Shepard TH, Lemire R]. Catalog of Teratogenic Agents. Baltimore, MD: JHU
Press; 2004.

Ochoa-Acuna H, Carbajo C. Risk of limb birth defects and mother’s home prox-
imity to cornfields. Sci Total Env. 2009;407:4447-4451. doi:10.1016/j.scitotenv.
2009.04.028.

Rull RP, Ritz B, Shaw GM. Neural tube defects and maternal residential prox-
imity to agricultural pesticide applications. Am J Epidemiol. 2006;163:743~753.
doi:10.1093/aje/kwj101.

Ma LG, Zhao ], Ren ZP, et al. Spatial patterns of the congenital heart disease
prevalence among 0- to 14-year-old children in Sichuan Basin, P. R China, from
2004 to 2009. BMC Public Health. 2014;14:595. doi:10.1186/1471-2458-14-595.
Bove FJ, Fulcomer MC, Klotz JB, Esmart J, Dufficy EM, Savrin JE. Public
drinking water contamination and birth outcomes. Am J Epidemiol. 1995;141:850~
862. https://www.ncbi.nlm.nih.gov/pubmed/7717362.

Bai H, Ge Y, Wang J-F, Liao LY. Using rough set theory to identify villages
affected by birth defects: the example of Heshun, Shanxi, China. Inz | Geogr Inf
Sci. 2010;24:559-576. d0i:10.1080/13658810902960079.

Siegel RL, Miller KD, Jemal A. Cancer statistics, 2015. CA4 Cancer J Clin.
2015;65:5-29. doi:10.3322/caac.21254.

Ward E, DeSantis C, Robbins A, Kohler B, Jemal A. Childhood and adolescent
cancer statistics, 2014. CA Cancer J Clin. 2014;64:83-103. doi:10.3322/caac.21219.
Pediatric Cancer in Nebraska, 2010. http://dhhs.ne.gov/Reports/CancerFact-
Sheet-Pediatric2016.pdf. Accessed June 23, 2017.

Vega-Garcia N, Torrebadell M, Jiménez-Velasco A, et al. Risk factors in pediat-
ric T-cell acute lymphoblastic leukemia: a collaborative study of the biological
committee of the leukemia group of the Spanish Hematology and Oncology
Pediatric Society. Haematologica (Ferrata Storti Foundation); 2016. https:/
learningcenter.chaweb.org/eha/2016/21st/132419/mireia.cams.risk.factors.
in.pediatric.t-cell.acute.lymphoblastic.leukemia.a.html.

Johnson KJ, Zoellner NL, Gutmann DH. Peri-gestational risk factors for pedi-
atric brain tumors in neurofibromatosis type 1. Cancer Epidemiol. 2016;42:53-59.
doi:10.1016/j.canep.2016.03.005.

McKenzie LM, Allshouse WB, Byers TE, Bedrick EJ, Serdar B, Adgate JL.
Childhood hematologic cancer and residential proximity to oil and gas develop-
ment. PLoS ONE. 2017;12:¢0170423. doi:10.1371/journal.pone.0170423.
Garcia-Perez ], Morales-Piga A, Gomez J, et al. Association between residential
proximity to environmental pollution sources and childhood renal tumors. Env
Res. 2016;147:405-414. doi:10.1016/j.envres.2016.02.036.

Omidakhsh N, Ganguly A, Bunin GR, von Ehrenstein OS, Ritz B, Heck JE.
Residential pesticide exposures in pregnancy and the risk of sporadic retinoblas-
toma: a report from the Children’s Oncology Group. Am ] Ophthalmol.
2017;176:166-173. doi:10.1016/j.2j0.2017.01.016.

Gomez-Barroso D, Garcia-Perez J, Lopez-Abente G, et al. Agricultural crop
exposure and risk of childhood cancer: new findings from a case-control study in
Spain. Int J Heal Geogr. 2016;15:18. doi:10.1186/512942-016-0047-7.

Accessed

64.

65.

66.

67.

68.

69.

70.

71.

72.

73.

74.

75.

76.

77.

78.

79.

80.

81.

82.

83.

84.

85.

Siegel RL, Miller KD, Jemal A. Cancer statistics, 2016. CA Cancer J Clin.
2016;66:7-30. doi:10.3322/caac.21332.

Siegel RL, Miller KD, Jemal A, Cancer statistics, 2017. CA Cancer J Clin.
2017;67:7-30. doi:10.3322/caac.21387.

Finnerty BM, Brunaud L, Mirallie E, et al. Cost disparity between health care
systems—it’s not the surgeons: a cost analysis of thyroid cancer care between the
United States Surgery.  2016;159:132-140.  doi:10.1016/j.
surg.2015.06.049.

Kitahara CM, McCullough ML, Franceschi S, et al. Anthropometric factors
and thyroid cancer risk by histological subtype: pooled analysis of 22 prospective
studies. Zhyroid. 2016;26:306-318. doi:10.1089/thy.2015.0319.

Nikiforov YE, Fagin JA. Risk factors for thyroid cancer. Trends Endocrinol
Metab. 1997;8:20-25. https://www.ncbi.nlm.nih.gov/pubmed/18406782.
Vigneri R, Malandrino P, Giani F, Russo M, Vigneri P. Heavy metals in the vol-
canic environment and thyroid cancer. Mol Cell Endocrinol. 2016;457:73-80.
doi:10.1016/j.mce.2016.10.027.

Nebraska DHHS. Cancer registry: the katest Nebraska cancer data. http://dhhs.
ne.gov/publichealth/Pages/ced_cancer_data.aspx. Accessed June 22, 2017.
United States Cancer Statistics (USCS). CDC—USCS technical notes—statis-
tical methods: suppression of rates and counts—NPCR—Cancer. https://www.
cdc.gov/cancer/npcer/uscs/technical_notes/stat_methods/suppression.htm.
Accessed June 26, 2017.

Bureau USC. Census 2000 Gateway. https://www.census.gov/main/www/
cen2000.html. Accessed July 14, 2017.

Nebraska DHHS: Birth Certificate Request. http://dhhs.ne.gov/publichealth/
Pages/ced_bicert.aspx. Accessed June 22, 2017.

Ward MH, Kilfoy BA, Weyer PJ, Anderson KE, Folsom AR, Cerhan JR.
Nitrate intake and the risk of thyroid cancer and thyroid disease. Epidemiology.
2010;21:389-395. d0i:10.1097/EDE.0b013¢3181d6201d.

Pellegriti G, De Vathaire F, Scollo C, et al. Papillary thyroid cancer incidence in
the volcanic area of Sicily. J Nat/ Cancer Inst. 2009;101:1575-1583. doi:10.1093/
jnci/djp354.

Liaw J, Marshall G, Yuan Y, Ferreccio C, Steinmaus C, Smith AH. Increased
childhood liver cancer mortality and arsenic in drinking water in northern Chile.
Cancer Epidemiol Biomarkers Prev. 2008;17:1982-1987. doi:10.1158/1055-9965.
EPI-07-2816.

Goldberg SJ, Lebowitz MD, Graver EJ, Hicks S. An association of human con-
genital cardiac malformations and drinking water contaminants. J Am Coll Car-
diol. 1990;16:155-164. doi:10.1016/0735-1097(90)90473-3.

Zank B, Bagstad KJ, Voigt B, Villa F. Modeling the effects of urban expansion
on natural capital stocks and ecosystem service flows: a case study in the Puget
Sound, Washington, USA. Landsc Urban Plan. 2016;149:31-42. doi:10.1016/j.
landurbplan.2016.01.004.

Omernik JM, Griffith GE, Hughes RM, Glover JB, Weber MH. How misappli-
cation of the hydrologic unit framework diminishes the meaning of watersheds.
Environ Manage. 2017;60:1-11. doi:10.1007/s00267-017-0854-z.

Daggupati P, Deb D, Srinivasan R, Yeganantham D, Mehta VM, Rosenberg NJ.
Large-scale fine-resolution hydrological modeling using parameter regionaliza-
tion in the Missouri River Basin. JAWRA ] Am Water Resour Assoc. 2016;52:648—
666. doi:10.1111/1752-1688.12413.

Affuso E, Duzy LM. The impact of US biofuels policy on agricultural produc-
tion and nitrogen loads in Alabama. Econ Res Int. 2013;2013:521254.
doi:10.1155/2013/521254.

Ghimire SR, Johnston JM. Impacts of domestic and agricultural rainwater har-
vesting systems on watershed hydrology: a case study in the Albemarle-Pamlico
river basins (USA). Ecohydrol Hydrobiol. 2013;13:159-171. doi:10.1016/j.ecohyd.
2013.03.007.

Gurung DP, Githinji LJM, Ankumah RO. Assessing the nitrogen and phospho-
rus loading in the Alabama (USA) River Basin using PLOAD model. Air, Soil
Water Res. 2012;6:23-36. doi:10.4137/ASWR.S10548.

Pai N, Saraswat D, Daniels M. Identifying priority subwatersheds in the Illinois
River drainage area in Arkansas watershed using a distributed modeling
approach. Trans ASABE. 2011;54:2181-2196. doi:10.13031/2013.40657.

Sallis JF. Ecological models of health behavior. In: Glanz K, Rimer BK, Viswa-
nath K, eds. Health Behavior and Health Education. Hoboken, NJ: John Wiley &
Sons; 2010:43-64.

and France.


http://meetingorganizer.copernicus.org/EGU2016/EGU2016-14799.pdf
http://meetingorganizer.copernicus.org/EGU2016/EGU2016-14799.pdf
https://www.ncbi.nlm.nih.gov/pubmed/27376998
http://dhhs.ne.gov/publichealth/MCHBlockGrant/Documents/InfantsOutcomes.pdf
http://dhhs.ne.gov/publichealth/MCHBlockGrant/Documents/InfantsOutcomes.pdf
https://www.ncbi.nlm.nih.gov/pubmed/7717362
http://dhhs.ne.gov/Reports/CancerFactSheet-Pediatric2016.pdf
http://dhhs.ne.gov/Reports/CancerFactSheet-Pediatric2016.pdf
https://learningcenter.ehaweb.org/eha/2016/21st/132419/mireia.cams.risk.factors.in.pediatric.t-cell.acute.lymphoblastic.leukemia.a.html
https://learningcenter.ehaweb.org/eha/2016/21st/132419/mireia.cams.risk.factors.in.pediatric.t-cell.acute.lymphoblastic.leukemia.a.html
https://learningcenter.ehaweb.org/eha/2016/21st/132419/mireia.cams.risk.factors.in.pediatric.t-cell.acute.lymphoblastic.leukemia.a.html
https://www.ncbi.nlm.nih.gov/pubmed/18406782
http://dhhs.ne.gov/publichealth/Pages/ced_cancer_data.aspx
http://dhhs.ne.gov/publichealth/Pages/ced_cancer_data.aspx
https://www.cdc.gov/cancer/npcr/uscs/technical_notes/stat_methods/suppression.htm
https://www.cdc.gov/cancer/npcr/uscs/technical_notes/stat_methods/suppression.htm
https://www.census.gov/main/www/cen2000.html
https://www.census.gov/main/www/cen2000.html
http://dhhs.ne.gov/publichealth/Pages/ced_bicert.aspx
http://dhhs.ne.gov/publichealth/Pages/ced_bicert.aspx



