Table S2: Open access datasets with access links and their availability
	Corona Voice Detect (Voca.ai)
	https://voca.ai/corona-virus/

	Currently unavailable

	ESC-50 dataset
	https://github.com/karolpiczak/ESC-50

	Available

	Speech Commands Data Set
	http://download.tensorflow.org/data/speech_commands_v0.01.tar.gz
https://www.tensorflow.org/datasets/catalog/speech_commands
	Available

	Google Audioset
	https://research.google.com/audioset/
https://research.google.com/audioset/dataset/cough.html
	Available

	ETSI Binaural sound database
	https://docbox.etsi.org/stq/Open/EG%20202%20396-1%20Background%20noise%20database/Binaural_Signals
	Available

	TIMIT
	https://catalog.ldc.upenn.edu/LDC93s1
	Paid, Available

	Aachen impulse response (AIR) database
	https://www2.iks.rwth-aachen.de/air/air_database_release_1_4.zip
	Available

	Virufy COVID-19 open cough dataset 
	https://github.com/virufy

	Unavailable

	Coswara Database of Breathing, Cough, and Voice Sounds for COVID-19 Diagnosis
	https://github.com/iiscleap/Coswara-Data

	Available

	COUGHVID crowdsourcing dataset
	https://www.kaggle.com/datasets/andrewmvd/covid19-cough-audio-classification
https://drive.google.com/file/d/1iq-GevDfaq6vQHduMDnh_fKhkJn0WYoe/view?usp=sharing
	Available on request
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Supplementary Appendix 1: 
Search Strategy
PubMed
Search	Query	Results
5	Search: #1 AND #4	
4	Search: #2 OR #3	
3	Search: "machine intelligence"[tw] or "machine learning"[tw] or "deep learning"[tw] or "artificial intelligence"[tw] or "computerised diagnos*"[tw] or "computerized diagnos*"[tw] or "computer aided"[tw] or "computer assisted"[tw] or "computer based"[tw] or "computer diagnos*"[tw] or "automatic diagnos*"[tw] or "digital signal*"[tw] or "digital audio"[tw] or "sound detection"[tw] or "sound spectrograph*"[tw] or "sound sonograph*"[tw] or "automatic pattern*"[tw] or "automated pattern*"[tw] or "automated recognition"[tw] or "automatic recognition"[tw] or tussiphonogra*[tw] or tussispectrogra*[tw] or "sound analys*"[tw] or "sound record*"[tw] or spirometr*[tw] or wavelet[tw] or "spectra analys*"[tw] or "sound spectr*"[tw] or "acoustic analys*"[tw] or "recording system*"[tw] or "flow dynamic*"[tw] or algorithm*[tw] or "fractal analys*"[tw] or "automatic classification"[tw] or "prediction model*"[tw] or "detection model"[tw] or "cough acoustic"[tw]	
2	Search: "Artificial Intelligence"[Mesh] or "Diagnosis, Computer-Assisted"[Mesh] or "Signal Processing, Computer-Assisted"[Mesh] or "Sound Spectrography"[Mesh] or "Pattern Recognition, Automated"[Mesh] or "Spirometry"[Mesh] or "Wavelet Analysis"[Mesh]
1	Search: "cough sound*"[tw] or "coughing sound*"[tw]

Embase
5 #1 AND #4 
4 #2 OR #3 
3 'machine intelligence':ti,ab,kw OR 'machine learning':ti,ab,kw OR 'deep learning':ti,ab,kw OR 'artificial intelligence':ti,ab,kw OR 'computerised diagnos*':ti,ab,kw OR 'computerized diagnos*':ti,ab,kw OR 'computer aided':ti,ab,kw OR 'computer assisted':ti,ab,k{Updating}w OR 'computer based':ti,ab,kw OR 'computer diagnos*':ti,ab,kw OR 'automatic diagnos*':ti,ab,kw OR 'digital signal*':ti,ab,kw OR 'digital audio':ti,ab,kw OR 'sound detection':ti,ab,kw OR 'sound spectrograph*':ti,ab,kw OR 'sound sonograph*':ti,ab,kw OR 'automatic pattern*':ti,ab,kw OR 'automated pattern*':ti,ab,kw OR 'automated recognition':ti,ab,kw OR 'automatic recognition':ti,ab,kw OR tussiphonogra*:ti,ab,kw OR tussispectrogra*:ti,ab,kw OR 'sound analys*':ti,ab,kw OR 'sound record*':ti,ab,kw OR spirometr*:ti,ab,kw OR wavelet:ti,ab,kw OR 'spectra analys*':ti,ab,kw OR 'sound spectr*':ti,ab,kw OR 'acoustic analys*':ti,ab,kw OR 'recording system*':ti,ab,kw OR 'flow dynamic*':ti,ab,kw OR algorithm*:ti,ab,kw OR 'fractal analys*':ti,ab,kw OR 'automatic classification':ti,ab,kw OR 'prediction model*':ti,ab,kw OR 'detection model':ti,ab,kw OR 'cough acoustic':ti,ab,kw 
2 'artificial intelligence'/exp OR 'computer assisted diagnosis'/exp OR 'signal processing'/exp OR 'sound detection'/exp OR 'automated pattern recognition'/exp OR 'spirometry'/exp OR 'wavelet analysis'/exp 
1 (cough* NEAR/3 sound*):ti,ab,kw 

Cochrane Library 
1 (cough* NEAR sound*):ti,ab,kw
2 MeSH descriptor: [Artificial Intelligence] explode all trees	
3 MeSH descriptor: [Diagnosis, Computer-Assisted] explode all trees	
4 MeSH descriptor: [Signal Processing, Computer-Assisted] explode all trees	
5 MeSH descriptor: [Sound Spectrography] explode all trees
6 MeSH descriptor: [Pattern Recognition, Automated] explode all trees
7 MeSH descriptor: [Spirometry] explode all trees	
8 MeSH descriptor: [Wavelet Analysis] explode all trees	
9 ("machine intelligence"  OR  "machine learning"  OR  "deep learning"  OR  "artificial intelligence"  OR  "computerised diagnos*"  OR  "computerized diagnos*"  OR  "computer aided"  OR  "computer assisted"  OR  "computer based"  OR  "computer diagnos*"  OR  "automatic diagnos*"  OR  "digital signal*"  OR  "digital audio"  OR  "sound detection"  OR  "sound spectrograph*"  OR  "sound sonograph*"  OR  "automatic pattern*"  OR  "automated pattern*"  OR  "automated recognition"  OR  "automatic recognition"  OR  tussiphonogra*  OR  tussispectrogra*  OR  "sound analys*"  OR  "sound record*"  OR  spirometr*  OR  wavelet  OR  "spectra analys*"  OR  "sound spectr*"  OR  "acoustic analys*"  OR  "recording system*"  OR  "flow dynamic*"  OR  algorithm*  OR  "fractal analys*"  OR  "automatic classification"  OR  "prediction model*"  OR  "detection model"  OR  "cough acoustic"):ti,ab,kw	
10 #2 or #3 or #4 or #5 or #6 or #7 or #8 or #9
11 #1 AND #10	

Web of Science
TS=(cough* NEAR/3 sound*) AND TS=("machine intelligence"  OR  "machine learning"  OR  "deep learning"  OR  "artificial intelligence"  OR  "computerised diagnos*"  OR  "computerized diagnos*"  OR  "computer aided"  OR  "computer assisted"  OR  "computer based"  OR  "computer diagnos*"  OR  "automatic diagnos*"  OR  "digital signal*"  OR  "digital audio"  OR  "sound detection"  OR  "sound spectrograph*"  OR  "sound sonograph*"  OR  "automatic pattern*"  OR  "automated pattern*"  OR  "automated recognition"  OR  "automatic recognition"  OR  tussiphonogra*  OR  tussispectrogra*  OR  "sound analys*"  OR  "sound record*"  OR  spirometr*  OR  wavelet  OR  "spectra analys*"  OR  "sound spectr*"  OR  "acoustic analys*"  OR  "recording system*"  OR  "flow dynamic*"  OR  algorithm*  OR  "fractal analys*"  OR  "automatic classification"  OR  "prediction model*"  OR  "detection model"  OR  "cough acoustic")

Scopus
TITLE-ABS-KEY ( cough*  W/3  sound* )  AND  TITLE-ABS-KEY ( "machine intelligence"  OR  "machine learning"  OR  "deep learning"  OR  "artificial intelligence"  OR  "computerised diagnos*"  OR  "computerized diagnos*"  OR  "computer aided"  OR  "computer assisted"  OR  "computer based"  OR  "computer diagnos*"  OR  "automatic diagnos*"  OR  "digital signal*"  OR  "digital audio"  OR  "sound detection"  OR  "sound spectrograph*"  OR  "sound sonograph*"  OR  "automatic pattern*"  OR  "automated pattern*"  OR  "automated recognition"  OR  "automatic recognition"  OR  tussiphonogra*  OR  tussispectrogra*  OR  "sound analys*"  OR  "sound record*"  OR  spirometr*  OR  wavelet  OR  "spectra analys*"  OR  "sound spectr*"  OR  "acoustic analys*"  OR  "recording system*"  OR  "flow dynamic*"  OR  algorithm*  OR  "fractal analys*"  OR  "automatic classification"  OR  "prediction model*"  OR  "detection model"  OR  "cough acoustic" )  

IEEE Xplore
((machine intelligence OR machine learning OR deep learning OR artificial intelligence OR computerised diagnosis OR computerized diagnosis OR computer aided OR computer assisted OR computer based OR computer diagnosis OR automatic diagnosis OR digital signal OR digital audio OR sound detection OR sound spectrograph* OR sound sonograph* OR automatic pattern OR automated pattern OR automated recognition OR automatic recognition OR tussiphonogra* OR tussispectrogra* OR sound analysis OR sound record OR spirometr* OR wavelet OR spectra analysis OR sound spectr* OR acoustic analysis OR recording system OR flow dynamic OR algorithm* OR fractal analysis OR automatic classification OR prediction model OR detection model OR cough acoustic) AND ((cough or coughs or coughing) NEAR/3 (sound or sounds)))

Engineering Village
found in Compendex for : (( (({machine intelligence} OR {machine learning} OR {deep learning} OR {artificial intelligence} OR {computerised diagnos*} OR {computerized diagnos*} OR {computer aided} OR {computer assisted} OR {computer based} OR {computer diagnos*} OR {automatic diagnos*} OR {digital signal*} OR {digital audio} OR {sound detection} OR {sound spectrograph*} OR {sound sonograph*} OR {automatic pattern*} OR {automated pattern*} OR {automated recognition} OR {automatic recognition} OR tussiphonogra* OR tussispectrogra* OR {sound analys*} OR {sound record*} OR spirometr* OR $wavelet OR {spectra analys*} OR {sound spectr*} OR {acoustic analys*} OR {recording system*} OR {flow dynamic*} OR algorithm* OR {fractal analys*} OR {automatic classification} OR {prediction model*} OR {detection model} OR {cough acoustic}) WN ALL) AND (1884-2022 WN YR)) AND ( ((cough* NEAR/3 sound*) WN ALL) AND (1884-2022 WN YR))) 

ACM Digital Library
[All: "cough sound"] OR [All: "cough sounds"] OR [All: "coughing sound"] OR [All: "coughing sounds"] 
Supplementary Appendix 2:
Data Extraction Definitions
	Field
	Definition

	General
	 

	Title
	Title of the study.

	Author
	First and last names of the authors.

	Journal
	Journal in which the study was published.

	Year of Publication
	Year of publication of the study.

	Author Affiliations
	The departments/disciplines of the authors. A discipline is included for an article if at least one author is from that discipline. If an article has multiple disciplines, select “other” and list disciplines separated by commas. Disciplines are categorized into:
1. STEM - science, technology, engineering, and math discipline, meaning an author appointed in a department of mathematics, engineering, computer science, informatics, and/or statistics
2. Medicine- both adult and pediatric
3. Veterinary science - meaning an author appointed as a physician of animals or animal-related sciences.
4. Not specified
5. Other (free text). For example, “STEM, ENT, Pulmonology, Veterinary Science” or “ENT, Veterinary science” 

	Data
	 

	Database use
	Whether the researchers were involved in data collection or utilized an available database (yes/no)

	Name or link of database if open-acess
+Origin (Country)
+Nature- Population subset (animals, pediatric)
	

	Country of Data Source
	Country where data were collected.

	Region of Data Source
	Region of data source categorized by the United Nations geoscheme. One of the following:
1. Africa
2. Americas
3. Asia
4. Europe
5. Multi-region
6. not specified
7. Other (free text)

	Data collection method
	Modality of sample collection used. Selected from:
1. Microphone
2. Smartphone
3. Not specified
4. other (free text)

	Type of external microphone
	Selected from:
1. Contact
2. Lapel
3. Shotgun
4. Mouthpiece
5. Network/Array
6. Others (free text)

	Type of smartphone
	Free text

	Distance from mouth/subject to microphone/smartphone
	Free text

	Sampling rate and Bits resolution
	Free text

	Acoustic gain (if any)
	Free text

	Audio file format
	Free text

	Data processing method prior to storage
	Processing of audio prior to analysis. Selected from:
1. Yes (free text- type: declipping, resampling, etc.)
2. No

	Data storage platform
	Selected from:
1. Online storage platform
2. Hard-drive (computer)
3. Mobile-cloud hybrid
4. Not specified
5. other (free text)

	Dataset Access
	Selected from the following categories:
1. Public: all the datasets used by article authors were publicly available
2. Local, Institutional: all the datasets were not publicly available or appeared not to be available
3. Mixed: the datasets used were a mix of publicly available and not publicly available

	Study design
	Selected from the following categories:
1. Cross-sectional
2. Cohort
3. Case-control
4. Case series
5. Randomized Controlled Trial
6. Uncontrolled

	Study setting
	Selected from:
1. Hospital/clinic
2. Community
3. Healthy volunteers
4. Crowd-sourcing
5. Other (free text)

	Location of recording
	Description of the room where the recording was conducted (Free text)

	Size of Dataset - Individuals
	Selected from:
●      not specified
●      other: Enter the number of individuals in the dataset if available. If multiple datasets are used, aggregate the size if applicable. Otherwise, use the size of the largest dataset.

	Size of Dataset - Samples
+ Number of samples per subject
	Selected from:
●      not specified
●      other: Enter the number of cough samples in the dataset if available. If multiple datasets are used, aggregate the size if applicable. Otherwise, use the size of the largest dataset.

	Type of cough
	1. Voluntary (+how were they trained to cough)
2. Reflexive

	Population Description
	Description of the population from which cough data was collected.

	Reported Population Demographics
	Whether the study discussed the demographics of the population from which cough data was collected (yes/no). Select “‘yes” if age, sex, gender, race, ethnicity, smoking status, or comorbidities were mentioned.

	Reported patient age?
	Whether patient age from the sample data was reported (yes/no).

	Reported patient sex?
	Whether patient sex from the sample data was reported (yes/no).

	Reported patient gender?
	Whether patient gender from the sample data was reported (yes/no).

	Reported patient race?
	Whether patient race from the sample data was reported (yes/no).

	Reported patient ethnicity?
	Whether patient ethnicity from the sample data was reported (yes/no).

	Reported patient smoking status?
	Whether patient smoking status from the sample data was reported (yes/no).

	Patient comorbidities
	Selected from:
●      not specified
●      other (free text)

	Diagnostic Gold-standard 
	PFT, CXR, etc

	Analytic model
	 

	Target Health Conditions
	The health condition of interest as stated by the study authors or inferred by reviewers. Select “general” if the model was applicable to respiratory illnesses/cough overall but did not target a specific condition. Select “not specified” if no condition was stated or inferable.

	Model Subfield
	Selected from the following categories:
1. Machine Learning: the study of algorithms that enable a computer to perform specific tasks (typically classification or regression) without specific instructions, but instead inferring patterns from data.
2. Computer-based audio analysis
3. Spectrography
4. Tussiphonography
5. Combination of the above. Example: Machine learning and Computer-based audio analysis

	Multimodality approach
	Yes/No- if yes, specify




	Model Application
	What clinical task was the model used to help facilitate? Examples include diagnostic decision support, screening, monitoring, cough counting, cough detection, and (Free text)

	Analytical accuracy
	What was the performance of the analytic model against gold-standard methods? Examples include area under the curve (AUC), positive predictive value, sensitivity, specificity, negative predictive value, etc.

	Discussed Clinical Usability
	Whether the article discussed any aspect of how the model could be practically used in a clinical context (yes/no).

	Stated Model Limitations
	Whether the article discussed any potential limitations of the research (yes/no).

	Model limitations - Free Text
 
	Reviewers included article quotations and summaries in this section to capture different reported limitations. Reviewers attempted to only extract free text regarding each specific type of limitation once.
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