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Abstract

Background: Comparison between cross-national job-exposure matrices (JEMs) may provide 

indications on their reliability, particularly if created using the same items. This study evaluated 

concordance between two JEMs created from United States (US) and Italian O*NET data, using 

job codes linked through international job codes.

Methods: 21 physical exposures were obtained from the US and Italian O*NET databases. 

Italian O*NET items were direct translations of US O*NET items. 684 US and 586 Italian 

job codes were linked via crosswalks to 281 ISCO-08 job codes. A sensitivity study also 

assessed concordance on 258 jobs matched one to one across the two national job classifications. 

Concordance of US and Italian O*NET exposures was estimated by Intraclass Correlation 

Coefficients (ICC) in multilevel models adjusted and not adjusted for country.

Results: ICCs showed moderate to poor agreement for all physical exposures in jobs linked 

through ISCO-08 codes. There was good to moderate agreement for 14 out of 21 exposures 

in models with one-to-one matched jobs between countries; greater agreement was found in 

all models adjusted for country. Exposure to whole-body vibration, time standing, and working 

outdoor exposed to weather showed the highest agreement.

Conclusions: These results showed moderate to good agreement for most physical exposures 

across the two JEMs when US and Italian jobs were matched one-to-one and the analysis was 

adjusted for country. Job code assignments through crosswalks and differences in exposure 

levels between countries might greatly influence the observed cross-country agreement. Future 

multinational epidemiological studies should consider the quality of the cross-national job 

matching, and potential cross-national differences in exposure levels.
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Background

Job-Exposure Matrices (JEMs) are a common means to estimate exposures in 

epidemiological surveillance studies and to guide selecting priorities for exposure 

interventions when no other reliable data is available (Fadel et al., 2019, 2020). JEMs were 

originally used to impute environmental exposures for cancer health outcomes and more 

recently used to impute psychosocial (Choi, 2020; Niedhammer et al., 2020) and physical 

exposures (Boyer et al., 2009; Dale et al., 2015; Madsen et al., 2018). JEMs use job titles 

to assign exposures, with numerical or ordinal values computed from past known exposure 

data (Kauppinen et al., 1998). An important feature of JEMs is that their application in 

epidemiological studies prevents differential misclassification bias of the exposure due 

to health status, which allows them to be employed in cross-sectional and retrospective 

studies (Peters, 2020). One drawback of JEMs is that all workers holding the same job title 

are assigned the same exposure value without accounting for individual differences, thus 

decreasing within-job variance and attenuating the exposure-outcome relationship.

Several JEMs with exposure to occupational physical factors have been developed in recent 

years in the US and in different European countries (Solovieva et al., 2012; Garcia et 

al., 2013; Dale et al., 2015; Evanoff et al., 2019a; Dalbøge et al., 2016; Rubak et al., 

2014; Dembe et al., 2014; Descatha et al., 2018). JEMs with physical exposures are often 

constructed from expert and worker-reported ratings, as data collected by direct or observed 

methods are too costly and may not capture a representative sample of tasks in complex and 

variable production jobs (Kilbom, 1994).

In the US, a JEM of physical exposures constructed from the Occupational Network 

(O*NET) US databases is particularly promising, as O*NET exposure estimates have 

demonstrated moderate to good agreement with several observed and self-reported 

ergonomic exposures (Gardner et al. 2010), and good validity in predicting incident 

carpal tunnel syndrome (CTS) (Dale et al. 2018) and osteoarthritis (Dembe et al., 2014). 

O*NET contains information on hundreds of physical and mental descriptors on more 

than 900 occupations, classified according to the US Standard Occupational Classification 

(SOC), with descriptors on job skills, job knowledge, job activities, and work context 

(www.onetcenter.org). O*NET databases are available for each occupation with scores for 

each descriptor to show the level of importance, frequency of activity, or presence of 

workplace characteristics; scores were assigned either by experts or by self-reports from 

workers.

JEMs have been used to apply exposure estimates in cross-national studies, although the 

validity of this method is not well-established for several types of exposures (Cifuentes 

et al., 2010). Cross-national use of JEMs requires linking job titles between countries to 

assign the JEM exposure estimates. Linking job titles may create imperfect job matches, 

thus introducing misclassification of JEM estimates. In addition, past studies comparing 
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agreement of JEMs created by two different countries have had to match JEM items by 

similarity in exposure type and frequency of occurrence (Evanoff et al., 2019). No studies 

have had the ability to compare identical JEM items created within two different countries, 

providing the opportunity to compare the effects of the job title linkage.

In 2013, the new Italian national Survey on Professions incorporated directly 

translated items from the US O*NET survey into data collection on the national 

survey (https://inapp.org/it/archivio_rilevazioni/indagine-campionaria-sulle-professioni). 

The survey sampled workers from identified job codes to provide a sample representative 

of the general population of workers, and captured the job title in each survey. The data 

from the O*NET items on the national survey were used to create the Italian O*NET JEM, 

using the same methods as for creating the US O*NET JEM (www.onetcenter.org). Since 

the Italian and US O*NET JEMs used identical exposures, the data was available to compare 

cross-national physical exposures in matched jobs between the US and Italy. The purpose 

of the study was to assess concordance between physical exposure values on cross-matched 

jobs using the US O*NET JEM and the Italian O*NET JEM.

Methods

US and Italian O*NET Data

We used data from the US O*NET JEM and the Italian O*NET JEM with jobs that were 

matched using a crosswalk to the ISCO-08 job codes (http://www.ilo.org/public/english/

bureau/stat/isco/docs/draft08.pdf), so the datasets contained the same job categories. The 

US O*NET is the primary source of occupational information for all US jobs from the 

US Department of Labor. Data is systematically collected by US federal agencies including 

the Bureau of Labor Statistics (https://www.dol.gov/agencies/eta/onet) from workers’ survey 

or occupational analyst ratings of 967 job codes based on the US Standard Occupational 

Classification (SOC) system (SOC 2010). Each year, a random sample of companies in each 

of the job codes are selected and a random sample of workers from the selected companies 

are invited to complete one of the surveys. The data collected from workers are used to 

update the US O*NET databases.

The Italian O*NET JEM was created from interviews of approximately 20 workers for 

each of 796 job codes of the Italian job code classification system (CP2011). The Italian 

O*NET items were collected as part of the Italian Survey on Profession (ISP) in 2013, 

a survey conducted every five years by the National Institute for the Analysis of Public 

Policies (INAPP) together with the National Institute of Statistics (ISTAT). The sample of 

workers includes all current professions in the Italian labor market from the private sector, 

institutions and public sectors, and self-employed.

Three US O*NET domains (Work Abilities, Activities, and Work Context) and 

corresponding databases provided the data for the 21 physical exposures selected for this 

study. The items, databases, and scores are shown in Table 1. The Italian O*NET used a 

direct translation of the questions on each survey from the US O*NET, and collected data 

from a sample of Italian workers in each job code.
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The US O*NET items were collected by two methods: the Abilities domain collected data 

from occupational experts while the items from the Activities and Work Context domains 

collected data from worker self-completed questionnaires. The Italian O*NET items for all 

the three domains (Abilities, Activities, and Work Context) collected data from workers 

through interviews using the CAPI technique (Computer Assisted Personal Interviewing) as 

is the methodology used to collect items in the ISP survey.

The scoring of items in the US and Italian O*NET JEMs were identical. Items from 

the Ability and Activity domains each had two part response scores: a) measure of the 

importance of the characteristic (range 1 to 5, 1= not important, 5= extremely important), 

and b) the level of the characteristic (range 1 to 7, anchor responses varied by item). The 

scores were combined so that a score of “1” on importance (not important) was imputed 

as a “0” on the level of the characteristic. For analysis, the level scores for each job code 

were reclassified to range from 0 to 7. The 11 variables from the Work Context domain were 

scored from 1 to 5 as shown in Table 1.

Crosswalk of US and Italian Job Codes

The US SOC 2010 job code system includes 967 occupations and the Italian CP 2011 

job code system contains 796 occupations. To create datasets that contained the same jobs 

in the US and Italian datasets, we conducted a crosswalk of each country’s job codes to 

the International Standard Classification Code (ISCO-08, 4-digit). The US crosswalk from 

SOC 2010 to ISCO-08 matched 684 US SOC job codes to 281 ISCO-08 job codes (http://

www.bls.gov/soc/soccrosswalks.htm). The Italian crosswalk from CP 2011 to ISCO-08 

matched 586 Italian job codes to the same 281 ISCO-08 job codes (http://www.istat.it/it/

archivio/18132). The 684 US and 586 Italian occupations that matched to the 281 ISCO-08 

job codes were used to create databases with comparable but cross-national jobs. We 

excluded the jobs from each country’s databases that did not match to a common 4-digit 

ISCO-08 code (excluding 283 SOC 2010 6-digit jobs for US and 210 CP 2011 5-digit jobs 

for Italy). On average, 5.5 US SOC job codes (range: 1–35), and 4.8 Italian CP job codes 

(range: 1–33) mapped into each 4-digit ISCO-08 job code.

An example of results of the crosswalk from national job codes into ISCO-08 job codes for 

Group 8 of the ISCO-08 codes (Plant and Machine Operators and Assemblers) is shown in 

Supplementary Table 1.

Data analysis—The US O*NET database version 23.2 was downloaded from the O*NET 

website (https://www.onetcenter.org/db_releases.html), selecting 21 physical exposures as 

was used in a previous study of physical exposures (Evanoff et al., 2019b).

In the Italian O*NET dataset containing individual level data for approximately 16,000 

workers, we computed the mean and standard deviation of each physical exposure from the 

approximately 20 workers (5–95%: 11–25) for each Italian 5-digit job code (PC 2011). For 

the analysis, we selected the data of these physical exposures from the US and Italian job 

codes that matched to the 281 ISCO-08 codes.
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First, we assessed the correlation between the mean values of the 21 physical exposures 

in the US and Italian O*NET JEMs using Spearman’s rho coefficient for ordinal values. 

Then, we assessed agreement of the items accounting for job groups using the Intraclass 

Correlation Coefficient (ICC). We assessed the ICC absolute agreement using a two-level 

random intercept effects models, with exposure scores representing different jobs in the first 

level, nested within ISCO-08 job codes at the second level. To explore the effects of country, 

we ran ICCs using a two-level mixed effects model, with exposure scores and country (US 

or Italy) at the first level (fixed effects), nested within ISCO-08 job codes at the second level 

(random effects). We interpreted the correlation categories for Spearman rho values as poor 

<0.40, moderate 0.40–0.70, or good >0.70 (Dancey & Reidy, 2006). The level of agreement 

for the ICC following Koo & Li (2016) was classified as poor < 0.50, moderate 0.50–0.75, 

or good >0.75.

In order to assess whether the job matching through ISCO-08 codes, conducted using 

existing crosswalks linking the Italian and US job classifications, had an influence on 

agreement between exposure scores in the two JEMs, we conducted a sensitivity analysis 

restricted only to jobs with one-to-one match between the US and the Italian job codes. 

This was completed by a manual search and selection by one of the authors, expert in 

job classification (FG), of US job codes (from SOC 2010) and Italian job codes (from CP 

2011) that matched in the two job classifications. The selection of jobs was reviewed by an 

occupational epidemiologist (AD), and discrepancies between the two experts were solved 

through discussion. In the sensitivity analysis, agreement was assessed using Spearman’s 

rho coefficient and ICC as previously described. All analyses were performed using Stata, 

version 13.

Results

The crosswalk process matched 684 (70.7%) US job codes (SOC 2010) and 586 (73.6%) 

Italian job codes (CP 2011) to 281 ISCO-08 job codes. Through manual search of the two 

national job classifications, we identified 258 job codes with one-to-one match between 

US SOC-2010 6-digit and Italian 5-digit job codes. Table 2 shows the mean and standard 

deviation scores for each country’s cross-national jobs matched to the 281 ISCO-08 job 

codes, and for the 258 national job codes with one-to-one matches between US and Italian 

jobs. We examined comparability between US SOC 6-digit jobs matched through ISCO-08 

and those with one-to-one matches with the Italian job classification by conducting a chi-

square test on the frequency distribution of SOC 6-digit jobs aggregated at the 2nd digit level 

of the SOC 2010 code and found no significant differences between the job distributions 

in each job group (p=0.19). The mean scores shown for the 21 physical exposures were 

generally higher in the exposure range for the US data than for the Italian data (Table 2), 

except for a few exposures (dynamic strength, trunk strength, wrist-finger speed) in the 

281 ISCO-08 job code dataset, and wrist-finger speed exposure in the 258 job codes with 

one-to-one job code matches.
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Concordance of physical exposures with national jobs matched at ISCO-08

Table 3 shows the comparisons between the US and Italian jobs using all jobs matched to the 

ISCO-08 job codes (n=281 job codes). Spearman correlation showed strong associations, 

with 5 good correlations of the physical exposures and 13 moderate correlations of 

exposures. We found lower agreement using an unadjusted ICC, with 8 exposures in the 

moderate category, and 13 exposures in the poor category. Agreement improved when we 

adjusted the ICC analysis to account for country, with 16 exposures in the moderate category 

and 5 in the poor category.

Concordance of physical exposures with national jobs matched one-to-one

Table 4 shows results of the sensitivity analysis, with the jobs restricted to those with 

one-to-one match between US and Italian jobs codes. The correlation results were stronger, 

with 15 exposures in the good category and 5 in the moderate category. Agreement results 

also improved for the unadjusted ICCs, with 5 exposures having good agreement, 9 having 

moderate agreement and 7 having poor agreement. The ICC models adjusted for country 

were also better, with 11 exposures having good agreement, 9 exposures having moderate 

agreement and 1 having poor agreement. The results in this model showed good agreement 

across a wide range of exposures including strength (dynamic and static strength), dexterity 

(manual dexterity, handling and moving objects), interacting with computers, driving 

vehicles, exposure to vibration, working outdoors, working in some postures (kneeling/

crouching/stooping, standing), and using hands. There was consistently poor agreement for 

the exposure about the importance of repeating same tasks in all models.

Discussion

This study found moderate to good agreement for physical exposure items from the US 

O*NET JEM and an Italian O*NET JEM derived from a representative sample of workers 

and jobs in a 2013 national survey. There was stronger agreement across more physical 

exposure variables when the models were adjusted for country (US and Italy). A sensitivity 

analysis restricted to one-to-one match between US and Italy job codes showed the strongest 

agreement, with moderate to good agreement for the majority of the 21 physical exposures. 

Matching US and Italian jobs through the standard international job codes (ISCO-08) 

retained about 70% of jobs from each national job database. These results showed that using 

identical exposures of directly translated items produced reasonable comparative results, 

and the results were improved when the analysis included directly matched job codes. The 

improvement in concordance of physical items obtained selecting only one-to-one matches 

suggests there is heterogeneity of national jobs within ISCO codes, i.e. that the occupations 

included in each ISCO code in one country do not perfectly correspond to occupations from 

another country. The crosswalk matches from the national jobs to the ISCO-08 codes show 

some of the variation in the job titles. There may also be differences in the job activities 

performed in the same job codes in different countries.

The improvement in agreement estimated by means of ICC after adjusting for country may 

be due to systematically higher exposure levels in the US JEM compared to the Italian JEM. 

It is unclear whether the higher exposure observed in the US compared to Italy is actually 
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attributable to higher exposure in US workplaces or to differences in perception or reporting 

of exposure between the working populations in the two countries. The fact that in the US 

O*NET data exposure was assessed through expert rating for part of the physical factors 

examined does not seem to have had an influence, as higher exposure was observed in the 

US data similarly for self-reported and expert rated variables. However, this finding suggests 

there is a country effect that should be accounted for in multinational studies.

Our results also suggest it is important to consider the quality of the cross-national 

job matching when using exposure values from a single JEM in cross-national studies. 

Assigning JEM exposure values from a JEM created using one country’s job coding system 

may bias exposure value assignment for jobs in a different country unless the differences 

in the job codes between countries have been explored. Using a crosswalk through an 

international job code system is helpful but greater accuracy was found when jobs were 

matched more directly. For studies involving more than one country, accounting for a 

country effect seems useful and has the benefit of leaving the job rankings unaffected for 

exposures.

Higher agreement was found for physical factors related to strength and to carrying or 

manipulating objects, as well as for standing and kneeling, crouching, stooping or crawling, 

whereas variables related to repetition, wrist-finger speed and awkward postures displayed 

the lowest level of agreement. Similar findings were reported in a comparison of US O*NET 

to a French JEM (Evanoff et al., 2019b), with moderate to high agreement for most physical 

exposures, as well as higher agreement for factors related to intense physical work and 

for handling/moving objects, bending of the trunk, and kneeling or squatting, and lower 

agreement for repetitive movements and awkward postures. The higher agreement between 

the US O*NET and the French Constances JEM estimated for different physical factors 

using Spearman’s rho, compared to weighted kappa, also suggests greater differences in 

absolute scores than in job ranking between the two JEMs (Evanoff et al., 2019b). The 

lower level of agreement found in the Evanoff study, compared to our sensitivity analysis, 

for some physical exposures, such as repetition, vehicle driving, or keyboard use, is possibly 

attributable to differences between variables used in the construction of the two JEMs, which 

were similar but did not overlap perfectly. In spite of the efforts made by these authors to 

thoroughly match French and US job codes, the multistep process employed (from French 

to ISCO-88 job codes, from ISCO-88 to ISCO-08 job codes, and from ISCO-08 to SOC job 

codes) may have reduced comparability of the matched jobs between the two countries and, 

consequently, reduced the level of agreement between exposures in the two JEMs.

Our results appear consistent with the few studies that have assessed inter-method validity 

of O*NET data, although a smaller number of factors was compared in most of them. 

Among these, Gardner et al. (2010) found moderate to good agreement between exposure to 

different physical factors for the upper extremities assigned through O*NET and exposure 

to the same factors collected through observations, with the strongest level of agreement 

found for factors related to handling/moving objects and to force, and the lowest for 

repetitive movements. Also, good agreement has been reported between combined measures 

of cumulative exposure to physical workload and knee bending assessed through self-reports 

and O*NET data (Ezzat et al., 2013), while in another study most of O*NET physical 
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exposures examined were moderately to strongly correlated with expert ratings (D’Souza et 

al., 2007).

Strengths

A main strength of the study was the possibility to evaluate cross-country agreement of 

exposure to physical factors using two JEMs constructed from identical exposure items, 

using appropriate statistics (two-level ICC). Furthermore, the whole set of physical factors 

contained in the O*NET database was evaluated for concordance between the two countries, 

providing a fuller picture of the reliability of the exposure estimates in the JEMs. Another 

strength was the ability to compare different sets of jobs obtained through different methods 

of matching between countries. One method linked jobs to a set of job codes in the widely 

used ISCO job classifications. A second dataset was restricted only to jobs with direct 

one-to-one correspondence. The results showed greater comparability of exposures with 

more direct matching of jobs. Finally, having comparable data from two different countries 

provided the opportunity to explore a country effect, suggesting difference in jobs, tasks, and 

exposures unique to each country.

Limitations

The use of the ISCO job crosswalk to obtain a comparable group of jobs between the two 

countries required a loss of approximately 30% of the jobs in each country. Only 30% of 

the jobs were retained for the one to one match, suggesting there may be selection bias of 

jobs in the sensitivity analysis. However, an examination of the distributions (by SOC 2-digit 

codes) of the 258 SOC jobs with one-to-one match showed no difference from the larger 

group of jobs crosswalked to the 281 ISCO-08 jobs, indicating that such a selection was 

unlikely.

An unfavourable characteristic of the O*NET JEM is the lack of physical exposure metrics 

which are known or suspected risk factors for musculoskeletal disorders. These include 

postures of specific joints of upper and lower limbs, pinch or grip force, or hand vibration. 

Since exposure data were self-reported using ordinal scales, it is possible that differing work 

conditions or perceptions of work between Italy and the USA could have affected reported 

exposure levels and concordance in exposure estimates between the two countries. Recent 

data on differential effects of exposures on men and women suggest a need for sex-specific 

JEMs (Quinn & Smith, 2018). Lastly, the information contained for each item is limited to 

exposure intensity or frequency on an ordinal scale, which does not allow precise estimation 

of workers’ cumulative exposure, which is relevant in epidemiologic studies, nor to compare 

their exposure with normative values, which is important for assessing compliance with 

exposure standards. Further research is needed to establish the correspondence between 

O*NET values and workplace exposures measured through objective methods, such as 

observations and direct measurements, for physical factors which pose an increased risk of 

developing musculoskeletal disorders.
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Conclusions

The present study found moderate to good agreement between the US and the Italian 

O*NET JEMs for exposure to most physical factors at work, but only when the analysis 

included US and Italian jobs with a one-to-one matching, suggesting that available 

crosswalks between job classification systems produce imperfect job matches. Adjustment 

for country produced a further improvement in the agreement estimated by ICCs, as 

exposure levels in the US O*NET were systematically higher than in the Italian one. 

Consistent with other studies, variables related to repetitive work and awkward postures 

were among those showing a lower concordance. Our results provide further evidence on 

the ability of the O*NET JEMs to assess in a reproducible way exposure to many physical 

factors at work, indicating that they could be meaningfully employed in epidemiological 

studies and for priority setting of hazards control.

Supplementary Material

Refer to Web version on PubMed Central for supplementary material.

References

Choi B Developing a Job Exposure Matrix of Work Organization Hazards in the United States: A 
Review on Methodological Issues and Research Protocol. Saf Health Work. 2020;11(4):397–404. 
doi: 10.1016/j.shaw.2020.05.007. [PubMed: 33329905] 

Cifuentes M, Boyer J, Lombardi DA, Punnett L. Use of O*NET as a job exposure matrix: A literature 
review. Am J Ind Med. 2010;53(9):898–914. doi: 10.1002/ajim.20846. [PubMed: 20698022] 

Dalbøge A, Hansson GÅ, Frost P, Andersen JH, Heilskov-Hansen T, Svendsen SW. Upper arm 
elevation and repetitive shoulder movements: a general population job exposure matrix based on 
expert ratings and technical measurements. Occup Environ Med. 2016;73(8):553–60. doi: 10.1136/
oemed-2015-103415. [PubMed: 27302976] 

Dale AM, Ekenga CC, Buckner-Petty S, Merlino L, Thiese MS, Bao S, Meyers AR, Harris-Adamson 
C, Kapellusch J, Eisen EA, Gerr F, Hegmann KT, Silverstein B, Garg A, Rempel D, Zeringue 
A, Evanoff BA. Incident CTS in a large pooled cohort study: associations obtained by a Job 
Exposure Matrix versus associations obtained from observed exposures. Occup Environ Med. 
2018;75(7):501–506. doi: 10.1136/oemed-2017-104744. [PubMed: 29599164] 

Dale AM, Zeringue A, Harris-Adamson C, Rempel D, Bao S, Thiese MS, Merlino L, Burt S, 
Kapellusch J, Garg A, Gerr F, Hegmann KT, Eisen EA, Evanoff B. General population job 
exposure matrix applied to a pooled study of prevalent carpal tunnel syndrome. Am J Epidemiol. 
2015;181(6):431–9. doi: 10.1093/aje/kwu286. [PubMed: 25700886] 

Dancey CP, Reidy J. Statistics without maths for psychology. Pearson Education, Harlow, 2007.

Dembe AE, Yao X, Wickizer TM, Shoben AB, Dong XS. Using O*NET to estimate the association 
between work exposures and chronic diseases. Am J Ind Med. 2014;57(9):1022–31. doi: 10.1002/
ajim.22342. [PubMed: 24842122] 

Descatha A, Despréaux T, Petit A, Bodin J, Andersen JH, Dale AM, Evanoff BA, Roquelaure 
Y. Développement d’une matrice emplois-expositions française (« MADE ») pour l’évaluation 
des contraintes biomécaniques [Development of “MADE”, a French Job exposure matrix for 
evaluation of biomechanical exposure]. Sante Publique. 2018;30(3):333–337. French. doi: 10.3917/
spub.183.0333. [PubMed: 30541262] 

D’Souza JC, Keyserling WM, Werner RA, Gillespie B, Franzblau A. Expert consensus ratings of job 
categories from the Third National Health and Nutrition Examination Survey (NHANES III). Am J 
Ind Med. 2007;50(8):608–16. doi: 10.1002/ajim.20487. [PubMed: 17595005] 

Evanoff BA, Yung M, Buckner-Petty S, Andersen JH, Roquelaure Y, Descatha A, Dale AM. 
The CONSTANCES job exposure matrix based on self-reported exposure to physical risk 

d’Errico et al. Page 9

Am J Ind Med. Author manuscript; available in PMC 2023 October 01.

A
uthor M

anuscript
A

uthor M
anuscript

A
uthor M

anuscript
A

uthor M
anuscript



factors: development and evaluation. Occup Environ Med. 2019a;76(6):398–406. doi: 10.1136/
oemed-2018-105287. [PubMed: 30705110] 

Evanoff B, Yung M, Buckner-Petty S, Baca M, Andersen JH, Roquelaure Y, Descatha A, Dale 
AM. Cross-national comparison of two general population job exposure matrices for physical 
work exposures. Occup Environ Med. 2019b;76(8):567–572. doi: 10.1136/oemed-2018-105408. 
[PubMed: 30894424] 

Ezzat AM, Cibere J, Koehoorn M, Li LC. Association between cumulative joint loading from 
occupational activities and knee osteoarthritis. Arthritis Care Res (Hoboken). 2013;65(10):1634–
42. doi: 10.1002/acr.22033. [PubMed: 23609965] 

Fadel M, Evanoff BA, Andersen JH, d’Errico A, Dale AM, Leclerc A, Descatha A. Not just a 
research method: If used with caution, can job-exposure matrices be a useful tool in the practice of 
occupational medicine and public health? Scand J Work Environ Health. 2020;46(5):552–553. doi: 
10.5271/sjweh.3900. [PubMed: 32367143] 

Fadel M, Valter R, Quignette A, Descatha A. Usefulness of a job-exposure matrix ‘MADE’ as a 
decision tool for compensation of work-related musculoskeletal disorders. Eur J Public Health. 
2019;29(5):868–870. doi: 10.1093/eurpub/cky274. [PubMed: 30629239] 

García AM, González-Galarzo MC, Kauppinen T, Delclos GL, Benavides FG. A job-exposure matrix 
for research and surveillance of occupational health and safety in Spanish workers: MatEmESp. 
Am J Ind Med. 2013 Oct;56(10):1226–38. doi: 10.1002/ajim.22213. [PubMed: 23818037] 

Gardner BT, Lombardi DA, Dale AM, Franzblau A, Evanoff BA. Reliability of job-title based physical 
work exposures for the upper extremity: comparison to self-reported and observed exposure 
estimates. Occup Environ Med. 2010;67(8):538–47. doi: 10.1136/oem.2008.044339. [PubMed: 
20410076] 

Kauppinen T, Toikkanen J, Pukkala E. From cross-tabulations to multipurpose exposure information 
systems: a new job-exposure matrix. Am J Ind Med. 1998;33(4):409–17. doi: 10.1002/
(sici)1097-0274(199804)33:4<409::aid-ajim12>3.0.co;2-2. [PubMed: 9513649] 

Kilbom A Assessment of physical exposure in relation to work-related musculoskeletal disorders--
what information can be obtained from systematic observations? Scand J Work Environ Health. 
1994;20 Spec No:30–45. [PubMed: 7846490] 

Koo TK, Li MY. A Guideline of Selecting and Reporting Intraclass Correlation Coefficients 
for Reliability Research. J Chiropr Med. 2016;15(2):155–63. doi: 10.1016/j.jcm.2016.02.012. 
[PubMed: 27330520] 

Masci F, Mixco A, Brents CA, Murgia L, Colosio C, Rosecrance J. Comparison of Upper Limb 
Muscle Activity among Workers in Large-Herd U.S. and Small-Herd Italian Dairies. Front Public 
Health. 2016;4:141. doi: 10.3389/fpubh.2016.00141. [PubMed: 27446904] 

Madsen IEH, Gupta N, Budtz-Jørgensen E, Bonde JP, Framke E, Flachs EM, Petersen SB, Svane-
Petersen AC, Holtermann A, Rugulies R. Physical work demands and psychosocial working 
conditions as predictors of musculoskeletal pain: a cohort study comparing self-reported and 
job exposure matrix measurements. Occup Environ Med. 2018;75(10):752–758. doi: 10.1136/
oemed-2018-105151. [PubMed: 30045952] 

Niedhammer I, Milner A, Geoffroy-Perez B, Coutrot T, LaMontagne AD, Chastang JF. Psychosocial 
work exposures of the job strain model and cardiovascular mortality in France: results from the 
STRESSJEM prospective study. Scand J Work Environ Health. 2020;46(5):542–551. doi: 10.5271/
sjweh.3902. [PubMed: 32436963] 

Peters S Although a valuable method in occupational epidemiology, job-exposure -matrices are 
no magic fix. Scand J Work Environ Health. 2020;46(3):231–234. doi: 10.5271/sjweh.3894. 
[PubMed: 32356897] 

Quinn MM, Smith PM. Gender, Work, and Health. Annals of Work Exposures and Health. 
2018;62:389–392. doi:10.1093/annweh/wxy019 [PubMed: 29617721] 

Rubak TS, Svendsen SW, Andersen JH, Haahr JP, Kryger A, Jensen LD, Frost P. An expert-based 
job exposure matrix for large scale epidemiologic studies of primary hip and knee osteoarthritis: 
the Lower Body JEM. BMC Musculoskelet Disord. 2014;15:204. doi: 10.1186/1471-2474-15-204. 
[PubMed: 24927760] 

d’Errico et al. Page 10

Am J Ind Med. Author manuscript; available in PMC 2023 October 01.

A
uthor M

anuscript
A

uthor M
anuscript

A
uthor M

anuscript
A

uthor M
anuscript



A
uthor M

anuscript
A

uthor M
anuscript

A
uthor M

anuscript
A

uthor M
anuscript

d’Errico et al. Page 11

Ta
b

le
 1

.

D
es

cr
ip

tio
n 

of
 th

e 
O

*N
E

T
 e

xp
os

ur
es

 f
ro

m
 th

e 
U

S 
an

d 
It

al
ia

n 
O

*N
E

T
 d

at
ab

as
es

E
xp

os
ur

e
D

om
ai

n
Q

ue
st

io
n/

de
fi

ni
ti

on
R

es
po

ns
e 

sc
al

e

D
yn

am
ic

 S
tr

en
gt

h
A

bi
lit

ie
s

T
he

 a
bi

lit
y 

to
 e

xe
rt

 m
us

cl
e 

fo
rc

e 
re

pe
at

ed
ly

 o
r 

co
nt

in
uo

us
ly

 o
ve

r 
tim

e.
 T

hi
s 

in
vo

lv
es

 m
us

cu
la

r 
en

du
ra

nc
e 

an
d 

re
si

st
an

ce
 to

 m
us

cl
e 

fa
tig

ue
.

Im
po

rt
an

ce
: 1

–5
L

ev
el

: 1
–7

St
at

ic
 S

tr
en

gt
h

A
bi

lit
ie

s
T

he
 a

bi
lit

y 
to

 e
xe

rt
 m

ax
im

um
 m

us
cl

e 
fo

rc
e 

to
 li

ft
, p

us
h,

 p
ul

l, 
or

 c
ar

ry
 o

bj
ec

ts
.

Im
po

rt
an

ce
: 1

–5
L

ev
el

: 1
–7

T
ru

nk
 S

tr
en

gt
h

A
bi

lit
ie

s
T

he
 a

bi
lit

y 
to

 u
se

 y
ou

r 
ab

do
m

in
al

 a
nd

 lo
w

er
 b

ac
k 

m
us

cl
es

 to
 s

up
po

rt
 p

ar
t o

f 
th

e 
bo

dy
 r

ep
ea

te
dl

y 
or

 
co

nt
in

uo
us

ly
 o

ve
r 

tim
e 

w
ith

ou
t ‘

gi
vi

ng
 o

ut
’ 

or
 f

at
ig

ui
ng

.
Im

po
rt

an
ce

: 1
–5

L
ev

el
: 1

–7

W
ri

st
-F

in
ge

r 
Sp

ee
d

A
bi

lit
ie

s
T

he
 a

bi
lit

y 
to

 m
ak

e 
fa

st
, s

im
pl

e,
 r

ep
ea

te
d 

m
ov

em
en

ts
 o

f 
th

e 
fi

ng
er

s,
 h

an
ds

, a
nd

 w
ri

st
s.

Im
po

rt
an

ce
: 1

–5
L

ev
el

: 1
–7

Fi
ng

er
 D

ex
te

ri
ty

A
bi

lit
ie

s
T

he
 a

bi
lit

y 
to

 m
ak

e 
pr

ec
is

el
y 

co
or

di
na

te
d 

m
ov

em
en

ts
 o

f 
th

e 
fi

ng
er

s 
of

 o
ne

 o
r 

bo
th

 h
an

ds
 to

 g
ra

sp
, 

m
an

ip
ul

at
e,

 o
r 

as
se

m
bl

e 
ve

ry
 s

m
al

l o
bj

ec
ts

.
Im

po
rt

an
ce

: 1
–5

L
ev

el
: 1

–7

M
an

ua
l D

ex
te

ri
ty

A
bi

lit
ie

s
T

he
 a

bi
lit

y 
to

 q
ui

ck
ly

 m
ov

e 
yo

ur
 h

an
d,

 y
ou

r 
ha

nd
 to

ge
th

er
 w

ith
 y

ou
r 

ar
m

, o
r 

yo
ur

 tw
o 

ha
nd

s 
to

 g
ra

sp
, 

m
an

ip
ul

at
e,

 o
r 

as
se

m
bl

e 
ob

je
ct

s.
Im

po
rt

an
ce

: 1
–5

L
ev

el
: 1

–7

H
an

dl
in

g 
an

d 
M

ov
in

g 
O

bj
ec

ts
A

ct
iv

iti
es

U
si

ng
 h

an
ds

 a
nd

 a
rm

s 
in

 h
an

dl
in

g,
 in

st
al

lin
g,

 p
os

iti
on

in
g,

 a
nd

 m
ov

in
g 

m
at

er
ia

ls
, a

nd
 m

an
ip

ul
at

in
g 

th
in

gs
.

Im
po

rt
an

ce
: 1

–5
L

ev
el

: 1
–7

In
te

ra
ct

in
g 

W
ith

 C
om

pu
te

rs
A

ct
iv

iti
es

U
si

ng
 c

om
pu

te
rs

 a
nd

 c
om

pu
te

r 
sy

st
em

s 
(i

nc
lu

di
ng

 h
ar

dw
ar

e 
an

d 
so

ft
w

ar
e)

 to
 p

ro
gr

am
, w

ri
te

 s
of

tw
ar

e,
 s

et
 

up
 f

un
ct

io
ns

, e
nt

er
 d

at
a,

 o
r 

pr
oc

es
s 

in
fo

rm
at

io
n.

Im
po

rt
an

ce
: 1

–5
L

ev
el

: 1
–7

D
ri

vi
ng

 V
eh

ic
le

s,
 M

ec
ha

ni
ze

d 
D

ev
ic

es
, o

r 
E

qu
ip

m
en

t
A

ct
iv

iti
es

R
un

ni
ng

, m
an

eu
ve

ri
ng

, n
av

ig
at

in
g,

 o
r 

dr
iv

in
g 

ve
hi

cl
es

 o
r 

m
ec

ha
ni

ze
d 

eq
ui

pm
en

t, 
su

ch
 a

s 
fo

rk
lif

ts
, 

pa
ss

en
ge

r 
ve

hi
cl

es
, a

ir
cr

af
t, 

or
 w

at
er

 c
ra

ft
.

Im
po

rt
an

ce
: 1

–5
L

ev
el

: 1
–7

G
en

er
al

 P
hy

si
ca

l A
ct

iv
iti

es
A

ct
iv

iti
es

Pe
rf

or
m

in
g 

ph
ys

ic
al

 a
ct

iv
iti

es
 th

at
 r

eq
ui

re
 c

on
si

de
ra

bl
e 

us
e 

of
 y

ou
r 

ar
m

s 
an

d 
le

gs
 a

nd
 m

ov
in

g 
yo

ur
 w

ho
le

 
bo

dy
, s

uc
h 

as
 c

lim
bi

ng
, l

if
tin

g,
 b

al
an

ci
ng

, w
al

ki
ng

, s
to

op
in

g,
 a

nd
 h

an
dl

in
g 

of
 m

at
er

ia
ls

.
Im

po
rt

an
ce

: 1
–5

L
ev

el
: 1

–7

A
w

kw
ar

d 
Po

si
tio

ns
C

on
te

xt
H

ow
 o

ft
en

 d
oe

s 
th

is
 jo

b 
re

qu
ir

e 
w

or
ki

ng
 in

 c
ra

m
pe

d 
w

or
k 

sp
ac

es
 th

at
 r

eq
ui

re
s 

ge
tti

ng
 in

to
 a

w
kw

ar
d 

po
si

tio
ns

?
1 

(n
ev

er
) 

to
5 

(e
ve

ry
 d

ay
)

E
xp

os
ed

 to
 W

ho
le

 B
od

y 
V

ib
ra

tio
n

C
on

te
xt

H
ow

 o
ft

en
 d

oe
s 

th
is

 jo
b 

re
qu

ir
e 

ex
po

su
re

 to
 w

ho
le

 b
od

y 
vi

br
at

io
n 

(e
.g

., 
op

er
at

e 
a 

ja
ck

ha
m

m
er

)?
1 

(n
ev

er
) 

to
 

5 
(e

ve
ry

 d
ay

)

W
or

ki
ng

 O
ut

do
or

s,
 E

xp
os

ed
 to

 
W

ea
th

er
C

on
te

xt
H

ow
 o

ft
en

 d
oe

s 
th

is
 jo

b 
re

qu
ir

e 
w

or
ki

ng
 o

ut
do

or
s,

 e
xp

os
ed

 to
 a

ll 
w

ea
th

er
 c

on
di

tio
ns

?
1 

(n
ev

er
) 

to
 

5 
(e

ve
ry

 d
ay

)

W
or

ki
ng

 O
ut

do
or

s,
 U

nd
er

 
C

ov
er

C
on

te
xt

H
ow

 o
ft

en
 d

oe
s 

th
is

 jo
b 

re
qu

ir
e 

w
or

ki
ng

 o
ut

do
or

s,
 u

nd
er

 c
ov

er
 (

e.
g.

, s
tr

uc
tu

re
 w

ith
 r

oo
f 

bu
t n

o 
w

al
ls

)?
1 

(n
ev

er
) 

to
 

5 
(e

ve
ry

 d
ay

)

T
im

e 
B

en
di

ng
 o

r 
Tw

is
tin

g 
th

e 
B

od
y

C
on

te
xt

H
ow

 m
uc

h 
do

es
 th

is
 jo

b 
re

qu
ir

e 
be

nd
in

g 
or

 tw
is

tin
g 

yo
ur

 b
od

y?
1 

(n
ev

er
) 

to
 

5 
(a

ll 
th

e 
tim

e)

T
im

e 
K

ne
el

in
g,

 C
ro

uc
hi

ng
, 

St
oo

pi
ng

, o
r 

C
ra

w
lin

g
C

on
te

xt
H

ow
 m

uc
h 

do
es

 th
is

 jo
b 

re
qu

ir
e 

kn
ee

lin
g,

 c
ro

uc
hi

ng
, s

to
op

in
g 

or
 c

ra
w

lin
g?

1 
(n

ev
er

) 
to

 
5 

(a
ll 

th
e 

tim
e)

T
im

e 
M

ak
in

g 
R

ep
et

iti
ve

 
M

ot
io

ns
C

on
te

xt
H

ow
 m

uc
h 

do
es

 th
is

 jo
b 

re
qu

ir
e 

m
ak

in
g 

re
pe

tit
iv

e 
m

ot
io

ns
?

1 
(n

ev
er

) 
to

 
5 

(a
ll 

th
e 

tim
e)

T
im

e 
St

an
di

ng
C

on
te

xt
H

ow
 m

uc
h 

do
es

 th
is

 jo
b 

re
qu

ir
e 

st
an

di
ng

?
1 

(n
ev

er
) 

to
 

5 
(a

ll 
th

e 
tim

e)

Am J Ind Med. Author manuscript; available in PMC 2023 October 01.



A
uthor M

anuscript
A

uthor M
anuscript

A
uthor M

anuscript
A

uthor M
anuscript

d’Errico et al. Page 12

E
xp

os
ur

e
D

om
ai

n
Q

ue
st

io
n/

de
fi

ni
ti

on
R

es
po

ns
e 

sc
al

e

T
im

e 
U

si
ng

 Y
ou

r 
H

an
ds

C
on

te
xt

H
ow

 m
uc

h 
do

es
 th

is
 jo

b 
re

qu
ir

e 
us

in
g 

yo
ur

 h
an

ds
 to

 h
an

dl
e,

 c
on

tr
ol

, o
r 

fe
el

 o
bj

ec
ts

, t
oo

ls
 o

r 
co

nt
ro

ls
?

1 
(n

ev
er

) 
to

 
5 

(a
ll 

th
e 

tim
e)

Sp
en

d 
T

im
e 

W
al

ki
ng

 a
nd

 
R

un
ni

ng
C

on
te

xt
H

ow
 m

uc
h 

do
es

 th
is

 jo
b 

re
qu

ir
e 

w
al

ki
ng

 a
nd

 r
un

ni
ng

?
1 

(n
ev

er
) 

to
 

5 
(a

ll 
th

e 
tim

e)

Im
po

rt
an

ce
 o

f 
R

ep
ea

tin
g 

Sa
m

e 
Ta

sk
s

C
on

te
xt

H
ow

 im
po

rt
an

t i
s 

re
pe

at
in

g 
th

e 
sa

m
e 

ph
ys

ic
al

 a
ct

iv
iti

es
 (

e.
g.

, k
ey

 e
nt

ry
) 

or
 m

en
ta

l a
ct

iv
iti

es
 (

e.
g.

, 
ch

ec
ki

ng
 e

nt
ri

es
 in

 a
 le

dg
er

) 
ov

er
 a

nd
 o

ve
r, 

w
ith

ou
t s

to
pp

in
g,

 to
 p

er
fo

rm
in

g 
th

is
 jo

b?
1 

(n
ot

 im
po

rt
an

t)
 to

 5
 (

ex
tr

em
el

y 
im

po
rt

an
t)

Am J Ind Med. Author manuscript; available in PMC 2023 October 01.



A
uthor M

anuscript
A

uthor M
anuscript

A
uthor M

anuscript
A

uthor M
anuscript

d’Errico et al. Page 13

Ta
b

le
 2

.

D
es

cr
ip

tiv
e 

da
ta

 f
or

 2
1 

O
*N

E
T

 p
hy

si
ca

l e
xp

os
ur

es
 o

f 
U

S 
an

d 
It

al
ia

n 
jo

bs
 m

at
ch

ed
 to

 2
81

 I
SC

O
-0

8 
co

de
s 

an
d 

on
e-

to
-o

ne
 m

at
ch

 o
f 

25
8 

na
tio

na
l j

ob
 c

od
es

C
ro

ss
-n

at
io

na
l j

ob
s 

m
at

ch
ed

 t
o 

IS
C

O
-0

8 
co

de
s 

(N
=2

81
)a

O
ne

-t
o-

on
e 

m
at

ch
 o

f 
na

ti
on

al
 j

ob
s 

(N
=2

58
)b

U
S 

O
*N

E
T

 J
E

M
It

al
ia

n 
O

*N
E

T
 J

E
M

U
S 

O
*N

E
T

 J
E

M
It

al
ia

n 
O

*N
E

T
 J

E
M

E
xp

os
ur

ec
M

ea
n 

(s
d)

N
. a

na
ly

st
s’

 r
at

in
gs

/ w
or

ke
rs

M
ea

n 
(s

d)
N

. w
or

ke
rs

M
ea

n 
(s

d)
N

. a
na

ly
st

s’
 r

at
in

gs
/ w

or
ke

rs
M

ea
n 

(s
d)

N
. w

or
ke

rs

D
yn

am
ic

 s
tr

en
gt

h$
1.

28
 (

1.
00

)
5,

46
4

2.
68

 (
1.

46
)

11
,4

94
1.

25
 (

1.
06

)
2,

39
2

0.
81

 (
0.

98
)

5,
26

6

St
at

ic
 s

tr
en

gt
h$

1.
69

 (
1.

28
)

5,
46

4
1.

30
 (

0.
85

)
11

,4
94

1.
67

 (
1.

33
)

2,
39

2
1.

09
 (

1.
13

)
5,

26
6

T
ru

nk
 s

tr
en

gt
h$

2.
05

 (
1.

02
)

5,
46

4
2.

41
 (

0.
68

)
11

,4
94

2.
08

 (
1.

06
)

2,
39

2
0.

94
 (

1.
03

)
5,

26
6

W
ri

st
-f

in
ge

r 
sp

ee
d$

1.
22

 (
0.

85
)

5,
46

4
1.

32
 (

0.
52

)
11

,4
94

1.
16

 (
0.

88
)

2,
39

2
1.

25
 (

0.
91

)
5,

26
6

Fi
ng

er
 d

ex
te

ri
ty

$
2.

60
 (

0.
73

)
5,

46
4

1.
00

 (
0.

72
)

11
,4

94
2.

54
 (

0.
84

)
2,

39
2

1.
71

 (
1.

21
)

5,
26

6

M
an

ua
l d

ex
te

ri
ty

$
2.

15
 (

1.
11

)
5,

46
4

1.
60

 (
0.

84
)

11
,4

94
2.

11
 (

1.
21

)
2,

39
2

1.
78

 (
1.

29
)

5,
26

6

H
an

dl
in

g 
an

d 
m

ov
in

g 
ob

je
ct

s$
3.

65
 (

1.
56

)
18

,6
62

2.
45

 (
0.

47
)

11
,4

94
3.

58
 (

1.
60

)
8,

19
6

1.
97

 (
1.

32
)

5,
26

6

In
te

ra
ct

in
g 

w
ith

 c
om

pu
te

rs
$

2.
95

 (
1.

13
)

18
,7

17
1.

34
 (

1.
42

)
11

,4
94

2.
93

 (
1.

26
)

8,
22

6
2.

59
 (

1.
42

)
5,

26
6

D
ri

vi
ng

 v
eh

ic
le

s 
or

 m
ec

ha
ni

ze
d 

de
vi

ce
s$

1.
82

 (
1.

26
)

18
,7

27
0.

65
 (

0.
93

)
11

,4
94

1.
77

 (
1.

32
)

8,
23

3
0.

76
 (

1.
13

)
5,

26
6

G
en

er
al

 p
hy

si
ca

l a
ct

iv
ity

$
3.

02
 (

1.
42

)
18

,6
93

0.
89

 (
0.

94
)

11
,4

94
3.

03
 (

1.
51

)
8,

21
7

1.
26

 (
1.

09
)

5,
26

6

A
w

kw
ar

d 
po

st
ur

es
&

2.
03

 (
0.

78
)

19
,0

49
2.

04
 (

1.
13

)
11

,4
94

1.
98

 (
0.

79
)

8,
34

1
1.

35
 (

0.
46

)
5,

26
6

E
xp

os
ed

 to
 w

ho
le

 b
od

y 
vi

br
at

io
n&

1.
36

 (
0.

61
)

19
,0

76
0.

88
 (

0.
91

)
11

,4
94

1.
35

 (
0.

63
)

8,
36

7
1.

28
 (

0.
61

)
5,

26
6

W
or

ki
ng

 o
ut

do
or

, e
xp

os
ed

 to
 w

ea
th

er
&

2.
29

 (
1.

20
)

19
,0

64
1.

91
 (

1.
32

)
11

,4
94

2.
26

 (
1.

22
)

8,
35

8
2.

09
 (

1.
24

)
5,

26
6

W
or

ki
ng

 o
ut

do
or

, u
nd

er
 c

ov
er

&
1.

74
 (

0.
67

)
19

,0
60

0.
80

 (
1.

00
)

11
,4

94
1.

70
 (

0.
67

)
8,

35
9

1.
54

 (
0.

67
)

5,
26

6

T
im

e 
be

nd
in

g 
or

 tw
is

tin
g 

th
e 

bo
dy

&
2.

40
 (

0.
89

)
19

,0
32

1.
85

 (
0.

76
)

11
,4

94
2.

34
 (

0.
94

)
8,

34
0

1.
77

 (
0.

69
)

5,
26

6

T
im

e 
kn

ee
lin

g,
 c

ro
uc

hi
ng

, s
to

op
in

g,
 c

ra
w

lin
g&

1.
90

 (
0.

67
)

19
,0

42
1.

52
 (

0.
62

)
11

,4
94

1.
89

 (
0.

72
)

8,
34

7
1.

58
 (

0.
63

)
5,

26
6

T
im

e 
m

ak
in

g 
re

pe
tit

iv
e 

m
ot

io
ns

&
3.

20
 (

0.
70

)
19

,0
07

2.
18

 (
0.

93
)

11
,4

94
3.

12
 (

0.
78

)
8,

31
8

2.
44

 (
0.

71
)

5,
26

6

T
im

e 
st

an
di

ng
&

3.
15

 (
1.

00
)

19
,0

55
3.

08
 (

0.
96

)
11

,4
94

3.
11

 (
1.

00
)

8,
35

2
3.

06
 (

0.
93

)
5,

26
6

T
im

e 
us

in
g 

ha
nd

s&
3.

43
 (

0.
94

)
18

,9
86

2.
08

 (
0.

83
)

11
,4

94
3.

39
 (

0.
99

)
8,

30
9

3.
13

 (
0.

94
)

5,
26

6

T
im

e 
w

al
ki

ng
 a

nd
 r

un
ni

ng
&

2.
57

 (
0.

78
)

19
,0

36
1.

79
 (

0.
62

)
11

,4
94

2.
53

 (
0.

82
)

8,
34

4
2.

41
 (

0.
64

)
5,

26
6

Im
po

rt
an

ce
 o

f 
re

pe
at

in
g 

sa
m

e 
ta

sk
s&

3.
31

 (
0.

63
)

18
,9

65
1.

58
 (

1.
15

)
11

,4
94

3.
19

 (
0.

65
)

8,
30

4
2.

49
 (

0.
47

)
5,

26
6

sd
 =

 s
ta

nd
ar

d 
de

vi
at

io
n

a 68
4 

U
S 

jo
bs

 a
nd

 5
86

 I
ta

lia
n 

jo
bs

,

Am J Ind Med. Author manuscript; available in PMC 2023 October 01.



A
uthor M

anuscript
A

uthor M
anuscript

A
uthor M

anuscript
A

uthor M
anuscript

d’Errico et al. Page 14
b 25

8 
U

S 
jo

bs
 m

at
ch

ed
 b

y 
ex

pe
rt

 o
pi

ni
on

 to
 2

58
 I

ta
lia

n 
jo

bs

Fo
r 

U
S 

da
ta

 o
nl

y,
 D

yn
am

ic
, S

ta
tic

 a
nd

 T
ru

nk
 S

tr
en

gt
h,

 W
ri

st
-f

in
ge

r 
sp

ee
d,

 F
in

ge
r 

an
d 

M
an

ua
l d

ex
te

ri
ty

 a
ss

es
se

d 
th

ro
ug

h 
ex

pe
rt

 r
at

in
g.

 A
ll 

ot
he

r 
U

S 
an

d 
al

l I
ta

lia
n 

ex
po

su
re

s 
w

er
e 

as
se

ss
ed

 th
ro

ug
h 

w
or

ke
rs

’ 
in

te
rv

ie
w

.

Sc
or

e 
ra

ng
e:

 $
 =

 0
 to

 7
, &

 =
 1

 to
 5

; h
ig

he
r 

sc
or

e 
m

ea
ns

 g
re

at
er

 a
m

ou
nt

 o
f 

th
e 

ex
po

su
re

Am J Ind Med. Author manuscript; available in PMC 2023 October 01.



A
uthor M

anuscript
A

uthor M
anuscript

A
uthor M

anuscript
A

uthor M
anuscript

d’Errico et al. Page 15

Ta
b

le
 3

.

A
gr

ee
m

en
t b

et
w

ee
n 

U
S 

an
d 

It
al

ia
n 

O
*N

E
T

 s
co

re
s 

fr
om

 n
at

io
na

l j
ob

sa  m
at

ch
ed

 to
 I

SC
O

-0
8 

co
de

s 
(N

=
28

1)

E
xp

os
ur

e
Sp

ea
rm

an
 r

ho
C

or
re

la
ti

on
 c

at
eg

or
y$

IC
C

 (
95

%
 C

I)
L

ev
el

 o
f 

ag
re

em
en

t#
IC

C
 (

95
%

 C
I)

ad
ju

st
ed

 fo
r 

co
un

tr
y

L
ev

el
 o

f 
ag

re
em

en
t#

D
yn

am
ic

 s
tr

en
gt

h
0.

77
**

*
0.

48
 (

0.
42

–0
.5

4)
0.

64
 (

0.
59

–0
.6

9)
**

St
at

ic
 s

tr
en

gt
h

0.
82

**
*

0.
66

 (
0.

61
–0

.7
1)

**
0.

68
 (

0.
63

–0
.7

3)
**

T
ru

nk
 s

tr
en

gt
h

0.
61

**
0.

54
 (

0.
49

–0
.6

0)
**

0.
56

 (
0.

50
–0

.6
1)

**

W
ri

st
-f

in
ge

rs
 s

pe
ed

0.
49

**
0.

49
 (

0.
43

–0
.5

5)
0.

49
 (

0.
43

–0
.5

5)

Fi
ng

er
 d

ex
te

ri
ty

0.
50

**
0.

19
 (

0.
15

–0
.2

5)
0.

45
 (

0.
39

–0
.5

1)

M
an

ua
l d

ex
te

ri
ty

0.
75

**
*

0.
57

 (
0.

51
–0

.6
2)

**
0.

62
 (

0.
56

–0
.6

7)
**

H
an

dl
in

g 
an

d 
m

ov
in

g 
ob

je
ct

s
0.

39
0.

30
 (

0.
24

–0
.3

6)
0.

40
 (

0.
34

–0
.4

7)

In
te

ra
ct

in
g 

w
ith

 c
om

pu
te

rs
-0

.6
0

0.
06

 (
0.

03
–0

.1
1)

0.
06

 (
0.

03
–0

.1
2)

D
ri

vi
ng

 v
eh

ic
le

s 
or

 m
ec

ha
ni

ze
d 

de
vi

ce
s

0.
56

**
0.

46
 (

0.
40

–0
.5

2)
0.

61
 (

0.
55

–0
.6

6)
**

G
en

er
al

 p
hy

si
ca

l a
ct

iv
ity

0.
46

**
0.

25
 (

0.
20

–0
.3

2)
0.

54
 (

0.
48

–0
.5

9)
**

A
w

kw
ar

d 
po

st
ur

es
0.

49
**

0.
56

 (
0.

50
–0

.6
1)

**
0.

56
 (

0.
50

–0
.6

1)
**

E
xp

os
ed

 to
 w

ho
le

 b
od

y 
vi

br
at

io
n

0.
54

**
0.

51
 (

0.
45

–0
.5

7)
**

0.
57

 (
0.

52
–0

.6
3)

**

W
or

ki
ng

 o
ut

do
or

, e
xp

os
ed

 to
 w

ea
th

er
0.

30
0.

49
 (

0.
43

–0
.5

5)
0.

50
 (

0.
44

–0
.5

6)
**

W
or

ki
ng

 o
ut

do
or

, u
nd

er
 c

ov
er

0.
46

**
0.

37
 (

0.
31

–0
.4

3)
0.

50
 (

0.
45

–0
.5

6)
**

T
im

e 
be

nd
in

g 
or

 tw
is

tin
g 

th
e 

bo
dy

0.
80

**
*

0.
64

 (
0.

59
–0

.6
9)

**
0.

71
 (

0.
66

–0
.7

5)
**

T
im

e 
kn

ee
lin

g,
 c

ro
uc

hi
ng

, s
to

op
in

g,
 c

ra
w

lin
g

0.
48

**
0.

53
 (

0.
48

–0
.5

9)
**

0.
58

 (
0.

53
–0

.6
3)

**

T
im

e 
m

ak
in

g 
re

pe
tit

iv
e 

m
ov

em
en

ts
0.

48
**

0.
38

 (
0.

32
–0

.4
4)

0.
54

 (
0.

48
–0

.5
9)

**

T
im

e 
st

an
di

ng
0.

63
**

0.
66

 (
0.

61
–0

.7
1)

**
0.

66
 (

0.
61

–0
.7

1)
**

T
im

e 
us

in
g 

ha
nd

s
0.

73
**

*
0.

41
 (

0.
35

–0
.4

7)
0.

66
 (

0.
61

–0
.7

1)
**

T
im

e 
w

al
ki

ng
 a

nd
 r

un
ni

ng
0.

51
**

0.
37

 (
0.

31
–0

.4
4)

0.
51

 (
0.

45
–0

.5
7)

**

Im
po

rt
an

ce
 o

f 
re

pe
at

in
g 

sa
m

e 
ta

sk
s

-0
.1

1b
0.

12
 (

0.
08

–0
.1

8)
0.

25
 (

0.
20

–0
.3

2)

IC
C

 =
 I

nt
ra

cl
as

s 
co

rr
el

at
io

n 
co

ef
fi

ci
en

t

a 68
4 

U
S 

jo
bs

 a
nd

 5
86

 I
ta

lia
n 

jo
bs

,

b p>
0.

05

$ C
or

re
la

tio
n 

ca
te

go
ry

 o
f 

Sp
ea

rm
an

 r
ho

: p
oo

r 
<

0.
40

, m
od

er
at

e 
(*

*)
 0

.4
0–

0.
70

, o
r 

go
od

 (
**

*)
 >

0.
70

# L
ev

el
 o

f 
IC

C
 a

gr
ee

m
en

t: 
po

or
 <

0.
50

, m
od

er
at

e 
(*

*)
 0

.5
0–

0.
75

, o
r 

go
od

 (
**

*)
 >

0.
75

Am J Ind Med. Author manuscript; available in PMC 2023 October 01.



A
uthor M

anuscript
A

uthor M
anuscript

A
uthor M

anuscript
A

uthor M
anuscript

d’Errico et al. Page 16

Ta
b

le
 4

.

A
gr

ee
m

en
t b

et
w

ee
n 

U
S 

an
d 

It
al

ia
n 

O
*N

E
T

 s
co

re
s 

fr
om

 o
ne

-t
o-

on
e 

m
at

ch
 o

f 
na

tio
na

l j
ob

 c
od

es
 (

N
=

25
8)

E
xp

os
ur

e
Sp

ea
rm

an
 r

ho
C

or
re

la
ti

on
 c

at
eg

or
y$

IC
C

 (
95

%
 C

I)
L

ev
el

 o
f 

ag
re

em
en

t#
IC

C
 (

95
%

 C
I)

 a
dj

us
te

d 
fo

r 
co

un
tr

y
L

ev
el

 o
f 

ag
re

em
en

t#

D
yn

am
ic

 s
tr

en
gt

h
0.

79
**

*
0.

70
 (

0.
69

–0
.7

1)
**

0.
77

 (
0.

72
–0

.8
2)

**
*

St
at

ic
 s

tr
en

gt
h

0.
84

**
*

0.
71

 (
0.

70
–0

.7
2)

**
0.

79
 (

0.
74

–0
.8

3)
**

*

T
ru

nk
 s

tr
en

gt
h

0.
79

**
*

0.
33

 (
0.

24
–0

.4
5)

0.
74

 (
0.

68
–0

.7
9)

**

W
ri

st
-f

in
ge

rs
 s

pe
ed

0.
61

**
0.

60
 (

0.
52

–0
.6

7)
**

0.
60

 (
0.

52
–0

.6
8)

**

Fi
ng

er
 d

ex
te

ri
ty

0.
73

**
*

0.
44

 (
0.

34
–0

.5
4)

0.
67

 (
0.

60
–0

.7
3)

**

M
an

ua
l d

ex
te

ri
ty

0.
80

**
*

0.
75

 (
0.

69
–0

.8
0)

**
0.

78
 (

0.
73

–0
.8

2)
**

*

H
an

dl
in

g 
an

d 
m

ov
in

g 
ob

je
ct

s
0.

80
**

*
0.

37
 (

0.
27

–0
.4

8)
0.

79
 (

0.
74

–0
.8

3)
**

*

In
te

ra
ct

in
g 

w
ith

 c
om

pu
te

rs
0.

81
**

*
0.

78
 (

0.
72

–0
.8

2)
**

*
0.

80
 (

0.
76

–0
.8

4)
**

*

D
ri

vi
ng

 v
eh

ic
le

s 
or

 m
ec

ha
ni

ze
d 

de
vi

ce
s

0.
73

**
*

0.
56

 (
0.

47
–0

.6
4)

**
0.

82
 (

0.
77

–0
.8

5)
**

*

G
en

er
al

 p
hy

si
ca

l a
ct

iv
ity

0.
78

**
*

0.
18

 (
0.

09
–0

.3
3)

0.
72

 (
0.

66
–0

.7
7)

**

A
w

kw
ar

d 
po

st
ur

es
0.

68
**

0.
30

 (
0.

21
–0

.4
2)

0.
62

 (
0.

54
–0

.6
9)

**

E
xp

os
ed

 to
 w

ho
le

 b
od

y 
vi

br
at

io
n

0.
69

**
0.

83
 (

0.
79

–0
.8

7)
**

*
0.

84
 (

0.
80

–0
.8

7)
**

*

W
or

ki
ng

 o
ut

do
or

, e
xp

os
ed

 to
 w

ea
th

er
0.

80
**

*
0.

82
 (

0.
78

–0
.8

6)
**

*
0.

83
 (

0.
79

–0
.8

7)
**

*

W
or

ki
ng

 o
ut

do
or

, u
nd

er
 c

ov
er

0.
65

**
0.

63
 (

0.
55

–0
.7

0)
**

0.
65

 (
0.

58
–0

.7
2)

**

T
im

e 
be

nd
in

g 
or

 tw
is

tin
g 

th
e 

bo
dy

0.
79

**
*

0.
54

 (
0.

45
–0

.6
2)

**
0.

72
 (

0.
66

–0
.7

7)
**

T
im

e 
kn

ee
lin

g,
 c

ro
uc

hi
ng

, s
to

op
in

g,
 c

ra
w

lin
g

0.
79

**
*

0.
69

 (
0.

62
–0

.7
5)

**
0.

78
 (

0.
72

–0
.8

2)
**

*

T
im

e 
m

ak
in

g 
re

pe
tit

iv
e 

m
ov

em
en

ts
0.

65
**

0.
36

 (
0.

26
–0

.4
7)

0.
64

 (
0.

57
–0

.7
1)

**

T
im

e 
st

an
di

ng
0.

83
**

*
0.

83
 (

0.
79

–0
.8

6)
**

*
0.

83
 (

0.
79

–0
.8

6)
**

*

T
im

e 
us

in
g 

ha
nd

s
0.

82
**

*
0.

78
 (

0.
73

–0
.8

2)
**

*
0.

81
 (

0.
77

–0
.8

5)
**

*

T
im

e 
w

al
ki

ng
 a

nd
 r

un
ni

ng
0.

71
**

*
0.

67
 (

0.
59

–0
.7

3)
**

0.
68

 (
0.

61
–0

.7
4)

**

Im
po

rt
an

ce
 o

f 
re

pe
at

in
g 

sa
m

e 
ta

sk
s

0.
17

0
0.

17
 (

0.
08

–0
.3

2)

IC
C

 =
 I

nt
ra

cl
as

s 
co

rr
el

at
io

n 
co

ef
fi

ci
en

t

25
8 

U
S 

jo
bs

 m
at

ch
ed

 o
ne

-t
o-

on
e 

by
 e

xp
er

t o
pi

ni
on

 to
 2

58
 I

ta
lia

n 
jo

bs

$ C
or

re
la

tio
n 

ca
te

go
ry

 o
f 

Sp
ea

rm
an

 r
ho

: p
oo

r 
<

0.
40

, m
od

er
at

e 
(*

*)
 0

.4
0–

0.
70

, o
r 

go
od

 (
**

*)
 >

0.
70

# L
ev

el
 o

f 
IC

C
 a

gr
ee

m
en

t: 
po

or
 <

0.
50

, m
od

er
at

e 
(*

*)
 0

.5
0–

0.
75

, o
r 

go
od

 (
**

*)
 >

0.
75

Am J Ind Med. Author manuscript; available in PMC 2023 October 01.


	Abstract
	Background
	Methods
	US and Italian O*NET Data
	Crosswalk of US and Italian Job Codes
	Data analysis


	Results
	Concordance of physical exposures with national jobs matched at ISCO-08
	Concordance of physical exposures with national jobs matched one-to-one

	Discussion
	Strengths
	Limitations

	Conclusions
	References
	Table 1.
	Table 2.
	Table 3.
	Table 4.

