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Abstract

Both rape myth acceptance (RMA) and rape proclivity are associated with acts of sexual
aggression. Although this relationship is assumed to be unidirectional with RMA contributing
to rape proclivity, no studies have examined the possibility of a predictive relationship, with
proclivity to perpetrate also impacting RMA. This is important to consider in a longitudinal
context, as both constructs may increase risk of sexual assault perpetration and support each
other over time, further escalating the risk of a sexual assault. Using longitudinal data with

a sample of 488 college men, this study employed cross-lagged panel analysis to investigate
these relationships across four time points according to two models: autoregressive effects of
RMA and rape proclivity, meaning each construct predicts itself over time, and RMA and rape
proclivity predicting each other over time. The results of this study indicate that causality exists
for RMA and rape proclivity. These findings have implications for prevention efforts directed
towards modifying attitudes associated with sexual assault perpetration—particularly for men who
are at high-risk of perpetrating sexual assault, including those with high rates of RMA and rape
proclivity.
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Two risk-factors for perpetration of sexual violence identified in the literature are rape
myth acceptance (RMA) (Tharp et al., 2012; Yapp & Quayle, 2018) and self-reported rape
proclivity (DeGue & DilLillo, 2004; Gidycz et al., 2011; Malamuth, 1981). Rape myths
are described as false beliefs regarding sexual assault either in relation to the survivor or
perpetrator of the assault or the incident of rape itself (Brownmiller, 1975; Burt, 1980).
Conventionally, scholars have assumed that these attitudes are causally linked to rape
proclivity, which is an individual’s endorsement of the likelihood of committing sexual
violence in the future given the condition that the person would never be caught (Bohner
et al., 2009; Bohner et al., 2005; Bohner et al., 2006). But it is also possible that both
these constructs, RMA and rape proclivity, reinforce one another in a reciprocal fashion. For
example, not only may RMA predict rape proclivity, but individuals’ perceptions of their
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likelihood to commit assault could impact beliefs including rape myths to potentially justify
their attitudes. Thus, RMA might support the likelihood of future rape perpetration; and
conversely, beliefs endorsing future rape perpetration may increase RMA. Therefore, this
study examines two sets of beliefs known to be associated with sexual violence perpetration:
namely, RMA and rape proclivity, to determine if causality might exist. It is especially
important to examine how RMA affects rape proclivity and vice-versa longitudinally to
understand if these constructs feed off each other and reinforce each other over time.

Beliefs Associated with Sexual Violence Perpetration: RMA and Rape

Proclivity

Given that not all men are perpetrators of sexual assault, an important step in prevention

is to identify male students at higher risk for sexual violence perpetration. Once such
risk-factors are identified, tailored prevention messages can appropriately address attitudes
and beliefs related to sexual violence perpetration among these men. Such an approach
suggests prevention responses should target high-risk men in order reduce the likelihood
of individuals of developing into perpetrators (Welsh & Farrington, 2012). Few studies
have examined prevention efforts that tailor programs to differing risk-groups for sexual
violence perpetration (for examples of studies using risk-groups, see Elias-Lambert & Black,
2015; Stephens & George, 2004, 2009) despite suggestions by scholars that such research
is needed (Stephens & George, 2009); these include recommendations to conduct research
on men who demonstrate a proclivity to rape (Gidycz et al., 2011). In order to improve
intervention efforts targeted at men who are at high-risk of sexual violence perpetration

an important first step is understanding the exact risk-factors for perpetration and the
relationship of these risk-factors have to each other over time.

While no studies have examined if rape proclivity predicts RMA, a predictive relationship
could be hypothesized to exist wherein the two beliefs predict each other over time. It is
easy to imagine that false beliefs about rape (e.g., the idea that the victim “asked for it”)

are associated with an increased likelihood of future sexual violence. In turn, endorsing a
likelihood to engage in future acts of sexual violence could intensify rape myth beliefs as

a justification for such violence. Ascertaining whether these two beliefs predict each other
could help inform our understanding of how these beliefs are associated with sexual violence
perpetration behaviors and increase our understanding of how to prevent sexual violence in
those men who are at high risk for perpetration given their self-reported rape proclivity.

Rape Myth and Sexual Violence.

Rape myths are beliefs that often reference survivors of sexual assault and blame the victim
rather than the perpetrator of a rape; these myths are typically gendered beliefs wherein
men are the perpetrators and women are the victims. Such beliefs suggest that women

who dress a certain way, drink alcohol, or are perceived as “promiscuous” are somehow
asking to be raped (McMahon & Farmer, 2011; Payne et al., 1999). Other rape myths
excuse the perpetrator for his actions through ideas such as “he could not help it” or “he
was drunk” (McMahon & Farmer, 2011; Payne et al., 1999). Finally, some rape myths
trivialize incidents of sexual assault by implying they are not violent or serious enough
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to qualify as “real rape” (Payne et al., 1999). RMA is associated with rape proclivity in
several studies (Chapleau & Oswald, 2010; Malamuth, 1981) as well as with actual sexual
assault perpetration (DeGue et al., 2010; Russell & King, 2016; Tharp et al., 2012; Troche &
Herzberg, 2017; Yapp & Quayle, 2018). Murnen and Kohlman (2007), in a meta-analysis of
factors associated with sexual aggression, found that RMA was significantly associated with
sexual aggression across multiple individual studies; RMA also is linked to sexual assault
perpetration over time in longitudinal studies (Davis et al., 2015; Kingree & Thompson,
2015; Lanier, 2001). These studies demonstrate that, those who endorse rape myths are more
likely to commit acts of sexual aggression or violence.

Rape Proclivity and Sexual Violence.

Rape Myths

Another belief associated with sexual assault perpetration is rape proclivity. Survey items
used to measure rape proclivity assess individuals’ beliefs in their likelihood of committing
rape under specific situations such as knowing they would not be caught after committing

a sexual assault (Bohner et al., 1998; Malamuth, 1981). In the seminal study of rape
proclivity, Malamuth (1981) found that one in three men indicated some rape proclivity,

a high percentage of men holding such beliefs. Other studies further support these early
research findings, demonstrating that a sizable percentage of men self-report being likely to
commit rape under specific circumstances (Bohner et al., 1998; Chapleau & Oswald, 2010).
Specifically, Bohner and colleagues (1998) found that nearly two out of three men (63%)
self-reported rape proclivity, using a hypothetical question that assured participants no one
would find out what they did. Chapleau and Oswald (2010) found slightly lower rates; just
over half (57%) of men indicated some likelihood of committing sexual violence in response
to five different rape scenarios when asked “In this situation, what is the likelihood that you
would have done the same?” (p. 72). Together, these studies suggest that rape proclivity rates
are high among some groups of men.

Rape proclivity rates are also higher in sexually coercive men as compared to men who

are not sexually coercive (DeGue & DilLillo, 2004). Additionally, in a longitudinal study of
men who committed sexual violence, the majority of these men had previously expressed
rape proclivity before perpetrating sexual violence (Gidycz et al., 2011). Although these
studies do not prove that men who demonstrate rape proclivity will go on to perpetrate
sexual violence, some researchers have suggested that rape proclivity beliefs may be used to
identify men who may commit sexually violent acts in the future (DeGue & DiL.illo, 2004).
In sum, the existing research on rape proclivity appears to suggest that men who exhibit rape
proclivity may be at increased risk of committing sexual violence.

and Rape Proclivity.

Both RMA and rape proclivity have been used as outcomes in prevention programs in
order to demonstrate effects of program participation (Anderson & Whiston, 2005; De La
Rue et al., 2014; DeGue et al., 2014). Several studies have demonstrated an association
between RMA and proclivity to perpetrate (Bohner et al., 2010; Bohner et al., 2006;
Chapleau & Oswald, 2010; Palmer et al., 2020; Siissenbach et al., 2013). Scholars have
hypothesized that rape myths may act as “psychological neutralizers” which allow men
to disregard their usual inhibitions against perpetuating sexual violence, increasing their
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rape proclivity by rationalizing it (Bohner et al., 1998; Burt, 1980). Bohner and colleagues
in four studies (Bohner et al., 2005; Bohner et al., 1998; Bohner et al., 2006; Gerger et

al., 2007) demonstrated that rape myths serve as causal antecedents for rape proclivity.
Bohner et al.’s studies (1998; 2005; 2006) provide preliminary evidence that RMA are

an antecedent to rape proclivity and offer a foundation for additional exploration. Their
studies were cross-sectional in nature, and there have been no longitudinal studies examining
whether RMA over time is a causal factor in rape proclivity. Indeed, there have been few
studies examining rape proclivity that are not correlational designs (Drieschner & Lange,
1999). Longitudinal studies are needed to examine whether one variable truly precedes
another variable over time to establish temporal causation. In addition, while studies have
hypothesized and demonstrated that RMA predicts rape proclivity, they have not examined
the reverse relationship, namely: is rape proclivity predictive of RMA? That is, is the
relationship a predictive one wherein RMA provide a causal link to rape proclivity and vice
versa? It could be that the relationship is complex, not just unidirectional, and the beliefs
feed off each other, with each belief reinforcing the other.

Research indicates that men fall into differing trajectories of sexual assault perpetration
throughout their college years: the majority of men do not perpetrate, while other groups of
men do so at a consistently moderate or high level, a decreasing level, or an increasing level
throughout college (Swartout, Swartout, et al., 2015; Thompson et al., 2013). Building on
this work, scholars found that risk-factors related to sexual violence perpetration, including
rape supportive beliefs (a construct similar to RMA), changed among men whose own
perpetration behaviors increased over time, indicating that as perpetration increases, there
is a corresponding increase in risk-factors including problematic beliefs (Thompson et al.,
2015). These findings indicate that men have differing risks for sexual violence perpetration
that may change over time along with sexual violence perpetration rates. Constructs such
as RMA and rape proclivity may be used to identify men at risk for sexual violence
perpetration and this risk may change over time.

Theoretical Framework

The ultimate driver of behavior is individual level factors including attitudes and beliefs.
Given the messages men receive regarding sexuality and masculinity, the resulting attitudes
may include rape myth beliefs which are associated with sexual assault. We must examine
how attitudes might theoretically lead to sexually aggression by male college students. The
Theory of Planned Behavior (TPB) may help explain individual behavior including how
attitudes and beliefs may affect sexual violence perpetration.

The Theory of Planned Behavior

The Theory of Planned Behavior (Ajzen, 1991, 2001, 2005) is widely used in
conceptualizing individual behaviors and how such behaviors can be modified (Ajzen, 2001)
including in understanding perpetration of violence against women in studies investigating
intimate partner violence (Betts et al., 2011; Kernsmith, 2005); to measure sexual aggression
perpetration (Swartout, Thompson, et al., 2015); to identify sexual offending etiology in
both in adults and adolescents (Miller, 2010); and to predict college male sexual aggression
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(Kingree & Thompson, 2013). Using the TPB to understand the relationship between rape
myths and sexual assault perpetration, it is expected that RMA would predict intentions to
perpetrate sexual violence (rape proclivity), which in turn would ultimately predict sexual
aggression. According to this theory, attitudinal change is a prerequisite for changing
behaviors such as sexual violence. For this study, rape myths are the attitudes under
investigation in order to understand their relationship with rape proclivity, or rape intentions,
as it is hypothesized that eliminating these beliefs and intentions is key to reducing sexual
violence perpetration. This study also expands upon the TPB by investigating how attitudes
and intentions might predict each over time, moving beyond a simple linear relationship.

Attitudes indicate the degree to which a behavior is regarded positively or negatively
(Humphreys & Brousseau, 2010). Ajzen (2001) describes an attitude as “a disposition to
respond favorably or unfavorably to an object, person, institution, or event.” (p. 3). In the
case of rape myths, these beliefs signify the extent to which men regard sexual violence as
acceptable, or not acceptable including deciding who is to blame for the sexual violence: the
perpetrator or the victim of the sexual violence. Attitudes similar to rape myths were used
by Thompson et al. (2011) who found that variables related to the TPB were predictive of
college males’ sexual aggressive behavior and mediated other predictive variables. Similarly,
Miller (2010) describes “cognitive distortions” (p. 114) that may lead to sexual offending.
These findings are in line with research demonstrating that rape supportive attitudes are
associated with sexual violence perpetration (Murnen et al., 2002; Tharp et al., 2012).

Thus, the TPB is use within this study to frame how attitudes such as rape myth beliefs

and intentions such as rape proclivity might then be translated into the behavior of sexual
violence perpetration. Ultimately this research can help guide efforts to prevent sexual
violence through a better understanding of how important variables theorized to lead to
perpetration predict each other over time.

The Current Study

Methods

Procedures

This study addresses the gaps in the current research field by using longitudinal data to
examine a causal link of RMA to rape proclivity, as well as the converse relationship: rape
proclivity’s relationship with RMA. This study addresses the following research question
and corresponding hypotheses. Research Question 1: What is the relationship between RMA
and rape proclivity beliefs over time? Hypothesis 1: Over time, RMA and rape proclivity
will demonstrate autoregressive effects, predicting themselves over time, indicating stability
of the constructs. Hypothesis 2: There will be a predictive relationship between RMA and
rape proclivity and vice versa indicating causality between the constructs over time.

The data for this study are four waves of a larger longitudinal study conducted at

a large public university in a Mid-Atlantic state of the United States. A randomized,
quasi-experimental study tested the effectiveness of a peer theater program in relation to
undergraduate students’ bystander interventions. All participants viewed the peer theater
presentation and were randomized into the experimental or comparison group. The
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experimental group then worked in small groups with the peer educators two more times.
The study was approved at the time of data collection by the university’s Institutional
Review Board. For a full description of the intervention and the methods used, see
McMahon, Winter, et al. (2015).

Incoming first-year students were recruited for the study at orientation sessions between
June 2010 and August 2010 and baseline data was collected at this point. If they
participated, participants were entered into a raffle for a television or iPad. Informed consent
was provided, and students completed an anonymous pre-intervention survey before viewing
the peer-theater presentation. Data was collected over four additional time points included in
this study. Time 1 (T1) in September of the 2010 when students consented to longitudinal
participation, T2 in December 2010, T3 in February/March 2011, and T4 in September 2011
(see Table 1). To make participation anonymous, participants created their own unique code
based on personal demographic information. An intention-to-treat design was used for this
study which includes participants who were randomized into the experimental study design,
even those who were lost at follow-up (Armijo-Olivo et al., 2009; Hollis & Campbell,
1999). As such, the sample includes: 1) all participants who were randomly assigned to
either the comparison or experimental group after the first follow-up survey (T1) and 2)

had at least one follow up survey with an identification code that could be matched to

the baseline survey. A total of 1,390 students (837 in the experimental group and 553

in the comparison group) of the 2,021 participants who completed T1 were able to be
matched to baseline (69%). Of these participants, 38% were male and 62% were female,
and less than one percent identified as another gender or left gender blank (n=7) while
another eight participants did not consistently identify as male over all waves and were
eliminated from the final sample. Finally, two validity questions were asked in the survey to
ensure participants paid attention to the questions, those who did not correctly answer these
questions at baseline (n=25) were removed from the analytic sample.

The current study focuses on T1-T4 panel data to examine the relationship between RMA
and rape proclivity. T1 was used as the first time point in this analysis as the data from the
prior wave (baseline) was collected prior to assignment of participants into the experimental
and comparison groups. As the focus of this study is on risk of perpetration, and as most
sexual assault measured is perpetrated by men (Cantor & Thomas, 2015; Krebs et al., 2016),
only the male sample was used for this study. The final analytic sample consisted of 488
respondents. Of these participants, 49% identified as White, 34% as Asian, 7% as Latino,
4% as Black, and 7% as other. Overall, the racial/ethnic distribution of the analytic sample
and the population (the incoming class) were similar.

Rape myth acceptance.—A seventeen-item scale, a modified version of the Illinois
RMA Scale (McMahon & Farmer, 2011), was used in this survey. This version of the
RMA scale was modified to assess more subtle rape myths that younger generations of
college students hold. For each item, agreement was rated on a 5-point scale ranging from
1 (Strongly Disagree)to 5 (Strongly Agree) on questions such as “If a girl goes to a room
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alone with a guy at a party, it is her own fault if she is raped”. A confirmatory factor analysis
was previously conducted for this scale, indicating a five-factor solution, with the following
factors. 1) RM 1: she asked for it (4 items a = .70 at T1), 2) RM 2: it was not really rape (3
items a =.77)," 3) RM 3. he did not mean to due to intoxication (2 items a = .64),; 4) RM 4:
he did not mean to (3 items a = .66); and 5) RM 5: she lied (5 items a = .81). The fit for this
model was acceptable: RMSEA = .059; CFI = .923; TLI = .897) (Brown, 2006). Some items
were reverse coded so that higher scores on all subscales signify higher RMA.

Proclivity to perpetrate sexual assault.—Rape proclivity was measured through two
questions. The first asked participants, “How likely would you be to force another person to
ao something sexual even if she didn’t want to, if you were assured that no one would know
and that you could in no way be punished?” This question is from the Attraction to Sexual
Aggression Scale (Malamuth, 1989). The second question asked, “How likely would you be
to have sex with another person who was too intoxicated to resist your sexual aavances, if
Yyou were assured that no one would know and that you could in no way be punished?” This
item was created using Malamuth’s question combined with a question from the Perpetrator
History scale (Lisak et al., 2000). The response options were I (Not at All Likely), 2
(Somewhat Unlikely), 3 (Neutral), 4 (Somewhat Likely), and 5 (Extremely Likely). The two
items were summed to create a composite rape proclivity variable measuring proclivity to
commit sexual violence.

Control variables.—In order to control for the effect of the intervention, group
assignment to either the experimental or the comparison group was added as a control
variable to analysis. Another control variable, social desirability as measured by the
Marlowe—Crowne Social Desirability Scale Short Form (Reynolds, 1982), was also added to
the model.

Missing Data

Analysis

Of the total sample who were randomly assigned to either the experimental or the
comparison group after T1 and had at least one subsequent time point with an accurate
identification code, 96% had complete data on the outcome measures at baseline, 83% at
T1, 66% at T2, 58%, at T3 and 52% at T4. Multiple imputation using maximum likelihood
(ML) in AMOS, was used to handle missing data. As the amount of missing data increases,
multiple imputation using ML provides less biased parameter estimates and standard errors
than listwise or pairwise deletion (Newman, 2002). Additionally, multiple imputation using
ML is recommended for latent variables (RMA in this study).

Four models were tested using cross-lagged panel analysis to see if predictive causality
exists between RMA and rape proclivity over time. Using ML estimation procedures in
AMOS 22 to preform structural equation modeling, data from T1 to T4 were tested to see if
a predictive relationship exists among the two variables of interest: RMA and rape proclivity
(Arbuckle, 2007). RMA was entered into the model as a latent variable with five subscales
(not shown in Figure 1). Four models were compared: Models 1 to 3 tested autoregressive
and bidirectional effects to support the fully cross-lagged model (Model 4), see Table 2. The
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final model, Model 4, the fully cross-lagged model, tested autoregressive effects and RMA
at T1, T2, and T3 predicting future rape proclivity (T2-T4) and rape proclivity predicting
later RMA. To control for the effect of the intervention, if participants were assigned to the
experimental or comparison group and social desirability was entered as an control variable
predicting rape myths and rape proclivity at T1-T4.

Using methods from prior research studies that employed cross-lagged panel analysis
(Christens et al., 2011), including a previous peer-reviewed study that uses the same data

as this study (McMahon, Peterson, et al., 2015), the following variables were correlated
with each other: 1) the control variables; 2) the residual terms associated with all variables
after T1; and 3) the error terms associated with measurement of RMA at T1 and all later
time points. The errors were correlated, since it was expected that measurement error factors
would be the same across all time points (Christens et al., 2011; McMahon, Peterson, et al.,
2015) and as is normal for these types of models. Finally, direct paths were hypothesized
between variables measuring RMA and proclivity to perpetrate. The four models were tested
to determine which best fits the data. The following model fit indices were used: Chi-Square
(X2), the Comparative Fit Index (CFI), the Normed Fit Index (NFI) and the Root Mean
Square Error of Approximation (RMSEA). Cut-off points suggested by prior researchers
include non-significant X2 values and values close to .95 for both the CFI and NFI and
finally, lower RMSEA values indicate better model fit (Hu & Bentler, 1999). General
guideline for RMSEA outline that values close to .06 are a good fit (Hu & Bentler, 1999).

This study tested four models to see if causality existed between RMA and rape proclivity
while controlling for intervention group and social desirability (see Figure 1, controls not
shown for clarity). Across all models, the fit indices showed an acceptable fit to the data
(see Table 2). All models indicated stability of the constructs of RMA and rape proclivity
over time. Model 4 had the best fit indices, including a CFI and NFI close to the suggested
cut-off level of .95 (CF1=.94; NF1=.91) and a RMSEA of .06 (Hu & Bentler, 1999). The X2
was significant across all models, as is expected with large samples, and does not necessarily
indicate a poor model fit. Additionally, in Model 4 all paths except one were significant at
the p<.001 level indicating a good model fit. The control variable of the intervention group
was never a significant predictor of RMA nor rape proclivity. The control variable of social
desirability was also largely non-significant except at T1 when social desirability decreased
reported rape proclivity (B =-.15; p <.001).

Supporting hypothesis 1—RMA and rape proclivity will demonstrate autoregressive effects,
predicting themselves over time—the constructs were stable over time. All autoregressive, or
self-predictive, pathways were significant (p <.001) for both rape myths and rape proclivity
predicting themselves over time (see Table 3 and Figure 1). Rape myths at each time point
predicted future RMA. The magnitude of these standardized paths ranged from .35 to .40
suggesting stability of the rape myth construct over time. Similarly, for rape proclivity, all
autoregressive paths were significant (p <.001), meaning rape proclivity predicted itself over
time, and the standardized regression coefficients ranged from .34 to .38 demonstrating
construct stability.
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Hypothesis 2—there will be causality between RMA and rape proclivity and vice versa—
was also supported. All but one of the cross-lagged pathways (those of the constructs
predicting each other over time) in Model 4 were significant (see Table 3 and Figure 1).
Measures of RMA and rape proclivity predicted future time points of these constructs,
signifying a predictive relationship between the constructs except for rape myths at T1
predicting rape proclivity at T2 which was not significant. Rape proclivity at T1-T2
predicted rape myths at T2-T4 with standardized regression coefficients from .16 to .24

(0 <.001) in size. And rape myths predicted rape proclivity at T3 (B=.27; p<.001) and T4
(B=.17; p<.001) but not at T2 (B =.09; p=.06, ns).

Post Hoc Analysis

T1-T3 data were collected in a short amount of time, a 7-month period, while T4 was
collected 7 months later. This means that the interval between time points was short,
especially for T1-T3 data. To address concerns regarding the time periods, analysis was
conducted with just T1 predicting T4 (results available upon request). The results were still
significant, rape proclivity predicted RMA and vice versa, with a one-year period between
these two time points indicating that the result hold for the first year of college at least.

Discussion

This study is the first known to examine the bidirectional predictive relationship between
RMA and rape proclivity over time. Hypothesis 1 for this study was that the two constructs,
RMA and rape proclivity, would show autoregressive effects, indicating stability of the
constructs as each construct predicts itself over time. This hypothesis was supported; RMA
predicted itself over time as did rape proclivity, suggesting stability of the constructs.

Hypothesis 2 was that predictive causality between RMA and rape proclivity would be
demonstrated over time. This hypothesis was supported, indicating that RMA predicted rape
proclivity at later time points and vice versa. The findings concerning predictive causality
indicate that the relationship between the two constructs is complex and multifaceted. Using
longitudinal data, this study demonstrates an association between the two constructs over
time: men who accept rape myths at a given time point are more likely to show rape
proclivity at future time points, indicating a temporal sequence. The same was found for
rape proclivity, with rape proclivity at early time points being associated with RMA at later
time points. These results held up at all time points except at T1 when rape myths did

not predict rape proclivity at T2. At all other time points tested within this study (T2 and
T3), predictive causality for these two constructs was found. It is unclear why T1 did not
produce significant and similar results to the other time points. All the participants, not

just the experimental group, viewed the peer-led theater performance intervention, which
aimed to increase bystander behaviors and to combat beliefs related to sexual assault prior
to completing the T1 survey. Perhaps the intervention affected the strength of the measure of
RMA at T1 as the unacceptability of these attitudes might have been particularly salient at
that time point and decreased the predictive relationship between RMA and rape proclivity.
Additional research is needed, both to replicate the significant findings from this study and
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to examine if in other samples, RMA and rape proclivity predict each other at each and
every time point.

The significant findings from this study expand results from previous studies demonstrating
that RMA predicts rape proclivity. Prior to this current study, all investigations on the
association between RMA and rape proclivity were cross-sectional, and no researchers had
examined the existence of a reciprocal relationship between the constructs. The current
study addresses this gap in the research field through longitudinal data and demonstrates that
predictive causality exists between RMA and rape proclivity.

Implications

This study demonstrates that RMA and rape proclivity do in fact predict each other over
time, an important finding for identifying intervention points to decrease perpetration

using the TPB and a step towards understanding if there is a causal relationship between
these constructs. These findings have implications for prevention programming aimed at
reducing sexual violence perpetration as such programs often target attitudes like RMA for
intervention. Indeed, reducing RMA is an outcome that many prevention programs measure
as an indicator of success (for reviews of sexual assault prevention programing with RMA
measures see Katz & Moore, 2013). Rape proclivity has been less studied, but the results

of this study indicate that it is both an important precursor belief to RMA as well as an
outcome of RMA. As such, sexual violence prevention programs may need to address men
at higher risk of sexual assault, such as those with higher RMA and those who demonstrate
rape proclivity, in order to reduce perpetration of sexual violence. As both RMA and rape
proclivity predict each other over time, and are both linked to sexual violence perpetration, it
is important to find methods of reducing or eliminating RMA among men in order to reduce
rape proclivity which ultimately increases the risk of committing sexual violence. Finally,
this study demonstrates that rape proclivity predicts RMA over time suggesting that men at
risk of sexual violence increase their risk of committing such violence through a complex
and reciprocal relationship with beliefs related to perpetration.

While shedding light on possible new directions for prevention programming, the findings
of this study might also help improve the intended outcomes of prevention programming.
Currently, few prevention programs have proven effective at reducing sexual violence
perpetration (Tharp et al., 2012). This may be in part due to a lack of clarity about how to
tailor prevention efforts toward individuals with differing pre-existing attitudes and beliefs,
such as RMA and rape proclivity beliefs, that create varying risk-levels. Thompson et

al. (2015) found that risk-factors for sexual assault perpetration were not static over time
and corresponded to perpetration behaviors. Some researchers have called for tailoring
prevention programming to groups of men who may have differing risks of sexual assault
perpetration (Salazar et al., 2018; Thompson & Morrison, 2013), including for “...factors
such as their (men’s) level of attitudinal support for sexual aggression and their professed
intent to engage in this behavior.” (Swartout, Swartout, et al., 2015). Understanding how risk
of perpetration is affected by RMA and rape proclivity as they reinforce each other over
time is important in improving sexual assault prevention efforts and may be used to tailor
prevention programming specifically for men at higher risk of sexual assault perpetration.
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Of the limited research into prevention programming with high-risk men, one study found
that while low-risk men’s rape myths and rape proclivity (using a measure of “sexually
coercive behavioral intentions” that examined rape proclivity for four types of sexually
violence behaviors) were significantly lowered by prevention programming, the same was
not true for high-risk men (Elias-Lambert & Black, 2015). These men, identified as high-risk
due to self-reports of past sexual aggression, did not demonstrate lower rape myths or rape
proclivity after the prevention programming. Similarly, some scholars have hypothesized a
“boomerang effect” may exist for high-risk men wherein exposure to messages countering
norms around sexual violence may actually heighten perpetration (Bosson et al., 2019;
Bosson et al., 2015; Malamuth et al., 2018). For high-risk men, attitudes and beliefs related
to sexual violence and viewing women as potential targets of such, may be more deeply
engrained and difficult to modify, suggesting the need for differential prevention efforts
directed at high-risk men (Elias-Lambert & Black, 2015). The findings from the current
study likewise suggest that over time, men’s beliefs related to sexual violence, namely
RMA, reinforce and increase rape proclivity, a risk-factor for perpetration, suggesting that
beliefs and risk-factors for perpetration of sexual violence are mutable and reinforce each
other over time.

Considering the differing risk-factors for the perpetration of sexual assault and how

such risk-factors may influence uptake and receptiveness to prevention interventions, it

is important to assess risk among individuals participating in prevention efforts that

target attitudes and beliefs associated with perpetration such as rape myths and rape
proclivity beliefs. Additionally, it may be that different prevention efforts are needed

that account for risk and tailor content and messaging accordingly. Finally, due to the
longitudinal relationship between the risk-factors examined in this study, traditional “one-
shot” prevention programming may not be appropriate with men who endorse high-risk
beliefs related to perpetration such as rape myths and rape proclivity. As these constructs
predict each other over time, it may be that prevention programming should be implemented
at multiple time points, not just in a “one-shot” dose, in order to disrupt the negative
feedback cycle whereby these beliefs mutually reinforce each other over time.

First, missing data was an issue within this study due to the number of participants who
could not be matched over time with their self-generated identification code. Self-generated
identification codes are useful within research settings to reduce social desirability bias
(Schnell et al., 2010), which may be a particular issue surrounding attitudes related to
sexual violence perpetration. However, in this study, the self-generated identification codes
were often not useful in matching participants and resulted in the removal of a number of
participants from the analysis.

Second, the measure used for rape proclivity in this study, based on other questions within
the field of perpetration (Lisak et al., 2000; Malamuth, 1989), is not ideal. In this study,
the rape proclivity measure asked two questions to which participants indicated their level
of agreement. Newer methods of measuring proclivity to perpetrate have been developed
and used by Bohner and colleagues (Bohner et al., 2009; Bohner et al., 2010; Bohner et
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al., 1998; Bohner et al., 2006). This newer measure of rape proclivity is based on a series

of sexual violence perpetration scenarios which participants read and then indicate how
likely they would be to do the same behavior depicted in the scenario. Many researchers
investigating rape proclivity use these scenario-based questions, wherein participants read a
brief scenario and then are asked how likely they would be to commit future sexual violence
in such a situation (e. g., Romero-Sanchez et al., 2017). As the field has shifted towards this
method of measuring rape proclivity, scenario-based measures might be preferred for future
investigations into questions regarding rape proclivity.

Finally, the brief intervals between survey administrations could result in a couple possible
concerns. First, participants might remember their answers from time point to time point
and moderate their responses to be in line with prior responses. Second, college students’
view on sexual violence might undergo change throughout their time in college, however
due to the shortened data collection periods, over their first year of college, the data analyzed
within this study do not reflect change over a college career in attitudes and beliefs related
to sexual violence. This might hold especially true to for men who join fraternities and

are subject to peer’s norms surrounding sexual violence as peer norms and pressure have
been shown to affect view of sexual violence (Edwards & Vogel, 2015; Seabrook et al.,
2016) and likewise, men with baseline rape proclivity, who then go onto join a fraternity,
afterward demonstrate increased levels of rape proclivity (Seabrook et al., 2018). To address
these concerns, post hoc follow-up analysis was conducted and indicated that the reciprocal
relationship between rape proclivity and RMA holds even if the two variables are only
measured at T1 and T4.

Future Directions

The findings from this study indicate several areas that warrant further investigation. As
this is the first study of its kind examining predictive causality between RMA and rape
proclivity, replication of these findings using other longitudinal data is needed. The results
from this study suggest a reciprocal relationship between the constructs under investigation;
however, this is a single study. Additional research is needed to verify the findings of this
study. Furthermore, as this is the first study to examine any relationship between RMA

and rape proclivity using longitudinal data, further examinations on these constructs using
multiple time points are needed.

Another area for future research is in predicting behaviors of sexual violence perpetration
from these constructs. This study only examined the relationship between RMA and

rape proclivity and did not predict other distal outcomes from these variables. However,
ultimately these variables are hypothesized to predict future sexual violence perpetration.
Research is needed to test these relationships and investigate how a predictive causal
relationship between RMA and rape proclivity is related to future sexual violence
perpetration among men.

Conclusion

Constructs such as RMA and rape proclivity are commonly hypothesized to be the
antecedents to committing the behavior of sexual violence itself. Furthermore, researchers
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have concluded that RMA is associated with rape proclivity but had never examined if
rape proclivity might predict RMA. This study is the first of its kind using longitudinal
data to examine the relationship between rape proclivity and RMA over time. The results
of this study indicate that rape proclivity and RMA predict each other over time, existing
in a reciprocal relationship. These results can inform sexual violence prevention efforts to
better address beliefs associated with sexual violence perpetration with the ultimate aim of
eliminating sexual violence perpetration before it occurs.
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Public Significance Statement:

This study demonstrates that two constructs, rape myth beliefs and rape proclivity, predict
each other over time within a sample of college men, a step towards understanding if
there is a causal relationship between the constructs. Since these constructs are both
linked to sexual violence perpetration, campus prevention efforts should be implemented
at multiple time points, not just in at a single time point such as orientation, to disrupt the
path whereby these beliefs reinforce each other over time.
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Figure 1:

Fully Cross-Lagged Model with Standardized Effects

*P<.001; figure shown without subscales of Rape Myths, errors, residuals, or control

variables
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Table 1:

Descriptive information for each wave

Wave Month/Year RMA  RapeProclivity
T1 September, 2010 2.53 1.40
T2 December, 2010 2.49 1.44
T3 February/March, 2011 2.48 1.44
T4 September, 2011 2.38 1.50
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Model Fit Indices for all Four Models

Table 2:

Page 20

Test Mode 1: baselinewith Model 2: autoregressive Model 3: autoregressive Model 4: fully
autoregressive effects effectsand RMA predicting effects and rape proclivity cross-lagged model
rape proclivity predicting RMA
CFI .93 .93 .93 .94
NFI .90 .90 .90 91
RMSEA .07 .06 .06 .06
X2 Value 772.01 732.73 717.67 672.47
df 249 246 246 243
P value .000 .000 .000 .000
Difference in X? Test
Model 1 1 3
Compared
Change in X2 39.28 54.34 45.2
Change in df -—-- 3 3 3
P< - .001 .001 .001
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